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Abstract
This study examines undergraduate students’ self-reported use of generative artificial intelligence (GenAI) for academic presentation design and their evaluations of its usefulness and ease of use. Survey data were collected from 197 undergraduate students at a Vietnamese university. The study used descriptive statistics, multiple-response analysis, reliability testing, factor-based measurement validation, and K-means clustering to analyze GenAI usage patterns, task delegation, and student perceptions. The findings show that GenAI had become a routine support tool, with 86.8% of students reporting weekly or daily use. However, frequent use did not necessarily indicate full dependence, as most students reported moderate task delegation. Students used GenAI most often for content preparation and less often for live presentation tasks, suggesting an asymmetric pattern of delegation across the presentation workflow. Three user profiles emerged: Power Integrators, Selective Minimalists, and Skeptical Delegators. These profiles show that students differed not only in usage frequency, but also in tool diversity, task delegation, perceived autonomy, and attitudes toward GenAI. Students evaluated GenAI positively in terms of perceived usefulness and ease of use, but valued it more for immediate productivity than for long-term presentation skill development. The study highlights the need for pedagogically guided GenAI integration, particularly in relation to task delegation, output evaluation, disclosure, and reflective revision.
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1. Introduction
Generative artificial intelligence (GenAI) has rapidly transformed the landscape of higher education, evolving from a technological novelty into an embedded educational resource (Lim et al., 2023). Following the public release of large language models like ChatGPT, students have gained unprecedented access to tools that can generate human-like text, synthesize complex information, and assist in multifaceted academic tasks (Dwivedi et al., 2023). This rapid proliferation has shifted institutional discourses from initial attempts at prohibition to a growing recognition of the need for AI literacy, ethical integration, and human-centered pedagogical strategies (UNESCO, 2023). Consequently, GenAI is no longer viewed merely as an external disruption but as a permanent fixture in the academic ecosystem that demands rigorous empirical investigation.
Understanding how undergraduate students utilize GenAI for academic work is particularly crucial. As the primary early adopters of these technologies, university students—especially those belonging to Generation Z—exhibit a strong willingness to employ GenAI to enhance their productivity, digital competence, and learning efficiency (Chan & Lee, 2023). Student perceptions and interactions with their learning environments directly influence their educational approaches and eventual outcomes (Chan & Hu, 2023). While AI systems offer significant advantages, such as providing personalized feedback, facilitating brainstorming, and overcoming language barriers, they also pose profound challenges. Educators frequently express concerns regarding over-reliance, diminished critical thinking, and the potential illusion of comprehension when students outsource cognitive labor to algorithms (Kim et al., 2024; Sullivan et al., 2023). Therefore, empirical investigations into students’ reported usage patterns and AI-supported academic practices are essential.
Within the spectrum of academic assignments, academic presentations represent a uniquely demanding, multimodal activity. Developing an effective presentation requires students to synthesize rigorous research, conceptual organization, visual design, and oral delivery (Chu et al., 2025). The emergence of GenAI has introduced new mechanisms for cognitive offloading in this space, enabling students to utilize AI-assisted tools for organizing information, outlining narratives, and formatting visual slides (Georgiev & Tinsley, 2024). However, despite the inherent complexity of presentation design and the increasing availability of both text-based and multimodal GenAI tools, this specific domain remains an underexplored area of student AI use.
Current research has not fully captured how students report using GenAI across different academic tasks. Most studies only show general statistics about GenAI use for academic writing, rather than examining how students use it for different parts of complex tasks like presentations or how usage differs among different groups of students. Furthermore, while the Technology Acceptance Model (TAM) has been widely applied to assess educational technologies through its core constructs of Perceived Usefulness (PU) and Perceived Ease of Use (PEOU) (Davis, 1989; Venkatesh et al., 2003), its application to GenAI requires further scrutiny. For conversational AI tools whose primary interface is natural language, the traditional boundary between a tool's utility and its operational effortlessness may become increasingly blurred (Strzelecki, 2023). It remains unclear whether PU and PEOU retain their conceptual distinctness in design-oriented contexts, highlighting a significant gap in understanding how students genuinely evaluate these tools.
To address these theoretical and empirical gaps, the present study aims to explore undergraduate students’ reported usage patterns of GenAI for academic presentation design. By identifying detailed usage patterns, examining the extent of task delegation across different presentation stages, and analyzing students' evaluations of these tools, this research provides essential insights into the intersection of AI adoption and academic design tasks. Specifically, this study is guided by the following two research questions:
· RQ1. How do undergraduate students use GenAI for academic presentation design, particularly in terms of usage patterns and task delegation?
· RQ2. How do students evaluate GenAI tools for academic presentation design in terms of perceived usefulness and perceived ease of use?
2. Literature Review
2.1. Integration and Usage Patterns of Generative AI in Higher Education
The integration of Generative Artificial Intelligence (GenAI) is catalyzing a paradigm shift in educational practices, moving institutional focus from strict prohibition to the development of AI literacy and critical interaction skills (UNESCO, 2023). GenAI has rapidly transitioned from a technological novelty to an embedded educational tool, fundamentally changing the landscape of higher education (Lim et al., 2023). Students have quickly adopted tools such as ChatGPT for a wide array of academic tasks, recognizing their capacity to provide personalized, real-time support (Chan & Hu, 2023). A recurring theme in the literature is the conceptualization of GenAI as a versatile, multi-tasking assistant. Students frequently use these tools to brainstorm ideas, retrieve information, and refine their writing, effectively treating the AI as a virtual tutor or a digital peer during their academic workflows (Kim et al., 2024). Furthermore, research highlights a distinct generational enthusiasm, with Generation Z students demonstrating a strong willingness to integrate GenAI to enhance their productivity, digital competence, and overall academic efficiency (Chan & Lee, 2023). Students are increasingly positioned as active users who interact with GenAI to test ideas, explore perspectives, and support academic meaning making (Kim et al., 2024). However, research also shows that students do not all use GenAI in the same way. How much and how well they use it often depends on their previous experience with technology, their motivation to learn, and their field of study (Chu et al., 2025; Li et al., 2026). While some learners actively exploit the multimodal capabilities of GenAI to explore creative problem-solving and conceptual abstraction, others limit their engagement to superficial tasks like grammar correction and basic translation (Chu et al., 2025; Ngo, 2023). Because of these differences, researchers should not only look at overall rates of AI use. They also need to examine how different groups of students use GenAI in specific ways for their academic work.
 2.2. Task Delegation in Multimodal Academic Presentations
Academic presentations represent a uniquely demanding educational activity that requires students to synthesize rigorous research, coherent textual organization, and engaging visual design (Georgiev & Tinsley, 2024). The emergence of GenAI has introduced new possibilities for cognitive offloading and task delegation in this multimodal context. Creating presentations involves the cognitive challenge of harmonizing textual arguments with visual representations and oral delivery. Research indicates that utilizing GenAI to manage these multimodal demands provides a supportive and inclusive environment, enabling students to express their ideas innovatively while maintaining their learning motivation (Chu et al., 2025). Studies indicate that students are increasingly leveraging GenAI, such as Microsoft PowerPoint Designer or ChatGPT, to organize information, format slides, and outline their academic presentations (Baker et al., 2024; Georgiev & Tinsley, 2024). These tools are praised for their ability to streamline the preparatory phases of presentation design, allowing students to save time and reduce the cognitive burden associated with visual structuring (Baker et al., 2024; Li et al., 2026).
Despite these affordances, research shows that students differ in how much control they are willing to give AI. While GenAI is frequently tasked with early-stage preparation—such as generating subtitles, synthesizing reading materials, and proposing structural outlines—students often exhibit caution when it comes to delegating the final design and performance elements (Georgiev & Tinsley, 2024; Kim et al., 2024). This reluctance stems from well-documented concerns about AI's limitations in contextual understanding, logical coherence, and the alignment of visual elements with textual meaning (Georgiev & Tinsley, 2024). Moreover, studies on specific populations, such as pharmacy students preparing didactic patient presentations, reveal that while GenAI effectively organizes clinical information and improves student confidence, its success heavily depends on the user's prior experience and domain knowledge (Baker et al., 2024). Furthermore, students report anxieties regarding the potential loss of their authentic voice and the dilution of human emotion in their presentations, which are critical for effective audience engagement (Chu et al., 2025; Kim et al., 2024). Consequently, a shared finding across studies is that while students readily delegate routine preparatory tasks to GenAI, they strongly prefer to retain human oversight and control over the final presentation to ensure authenticity and logical rigor.
2.3. Student Evaluations of GenAI through the Technology Acceptance Model
To systematically understand students’ adoption of GenAI, researchers have frequently relied on the Technology Acceptance Model (TAM), originally developed by Davis (1989), which posits Perceived Ease of Use (PEOU) and Perceived Usefulness (PU) as the primary drivers of technology acceptance (King & He, 2006). In the context of GenAI, studies highlight that personal innovativeness, habit, and hedonic motivation significantly predict students' behavioral intention to utilize tools like ChatGPT (Strzelecki, 2023). The conversational and intuitive interfaces result in exceptionally high PEOU evaluations, as students find the barrier to entry remarkably low (Ngo, 2023). The ease with which students can enter prompts, adjust outputs, and interact with the AI significantly bolsters their behavioral intention to continue using these technologies for academic tasks (Strzelecki, 2023).
Conversely, student evaluations of Perceived Usefulness (PU) present a more paradoxical picture. On one hand, students highly rate the immediate benefits of GenAI, such as rapid task completion, enhanced writing quality, and the provision of immediate, personalized feedback (Chan & Hu, 2023; Kim et al., 2024). On the other hand, this perception of usefulness is frequently counterbalanced by profound concerns over academic integrity, algorithmic bias, and the reliability of AI-generated content (Dwivedi et al., 2023; Perkins, 2023). Students are especially aware of the phenomenon of AI "hallucinations"—the generation of plausible but factually incorrect information and fabricated citations—which directly threatens the rigorous standards required in higher education (Kim et al., 2024; Ngo, 2023). Furthermore, a significant debate exists regarding the long-term impact of GenAI on holistic competency development. While students appreciate the short-term productivity gains, they simultaneously express concern that an over-reliance on AI may hinder their independent critical thinking, problem-solving skills, and social interaction skills (Chan & Hu, 2023; Chu et al., 2025). This suggests that students view GenAI in a practical way. Students appear to value GenAI primarily for its immediate contribution to task efficiency, while remaining less certain about its role in deeper competence development.
While the existing literature offers a strong foundation for understanding the general adoption, perceived benefits, and ethical concerns surrounding GenAI in higher education, an important research gap remains. Much of the current literature has focused on traditional academic writing or broad patterns of use, rather than examining how students allocate specific tasks to GenAI within complex, multimodal assignments such as academic presentations. Furthermore, empirical data exploring the relationship of perceived usefulness and ease of use in these specific, design-oriented contexts is limited. The present study addresses this identified gap by systematically examining undergraduate students’ self-reported use of GenAI for academic presentation design. By investigating their nuanced usage patterns, specific task delegation practices, and detailed evaluations of GenAI tools, this study contributes essential empirical insights into how students navigate the intersection of human creativity and artificial intelligence in modern higher education.
3. Methodology
3.1 Participants and Procedure
Participants were 197 undergraduate students enrolled at a Vietnamese university in Ho Chi Minh City during the 2025–2026 academic year. The sample comprised 131 female (66.5%) and 65 male (33.0%) students, with one participant identifying as they/them (0.5%); one response was excluded from the initial 198 due to an uninterpretable entry. Participants were predominantly third-year students (n = 127, 64.5%), with second-year (n = 60, 30.5%) and fourth-year-or-above (n = 10, 5.1%) also represented. Data were collected via a Google Forms survey using the convenience sampling method. Participation was voluntary and anonymous; no personally identifying information was collected.
3.2. Instrument
The study collected data through a survey that consisted of four sections. The first collected demographic and background information, including year of study, gender, prior AI experience, and frequency of AI use for presentation preparation. The second examined usage patterns, covering the purposes of AI use, types of AI tools employed, the proportion of work delegated to AI, and disclosure practices. The third explored students’ attitudes, including their perceived ability to complete presentations without AI, awareness of citation and attribution norms for AI-assisted work, and perceived changes in presentation skills since adopting AI. The fourth section comprised 5-point Likert-scale items based on the Technology Acceptance Model (TAM) and its subsequent extensions. Adapted from the foundational work of Davis (1989), the TAM2 framework by Venkatesh and Davis (2000), and the Unified Theory by Venkatesh et al. (2003), this section was contextualized for GenAI. It measured three core constructs: Perceived Usefulness, Perceived Ease of Use, and Behavioral Intention to continue using GenAI for future academic presentations. 
3.3. Measurement Validation
All analyses were conducted using IBM SPSS Statistics. Before addressing the research questions, the three TAM-based constructs were examined to confirm that the survey items were appropriate and reliable. The results showed that the items were suitable for factor analysis and formed a clear three-factor structure, explaining 71.4% of the total variance. The three scales also demonstrated good reliability: Perceived Usefulness (α = .79, M = 3.94, SD = .67), Perceived Ease of Use (α = .91, M = 4.00, SD = .74), and Behavioral Intention (α = .91, M = 4.14, SD = .82). In addition, the data met the basic assumptions for further statistical analysis. Composite scores were then calculated by averaging the items within each construct, and these scores were used in the subsequent analyses.
4. Results
4.1 Research Question 1: Usage Patterns and Task Delegation
RQ1 examined the current usage patterns and levels of task delegation when undergraduate students employ GenAI for presentation design. This question was addressed through three analytic steps: (a) descriptive analysis of usage intensity, (b) multiple-response analysis of purposes and tools, and (c) K-means cluster analysis to identify user typologies. Following established methodological precedents in educational AI research (Luckin et al., 2022), this clustering approach was used to segment students into three distinct behavioral profiles—Power Integrators, Selective Minimalists, and Skeptical Delegators—facilitating a targeted analysis of their task delegation strategies.
4.1.1 Intensity and Modes of GenAI Use
Descriptive analyses revealed that GenAI has become a routine component of presentation preparation rather than an occasional aid. As Table 1 shows, 86.8% of participants reported using GenAI at least weekly, with 43.7% using it daily. Only 4.1% reported rare or no use. This frequency distribution meaningfully exceeds the adoption levels reported in previous empirical studies (e.g., Chan & Hu, 2023; Strzelecki, 2023), suggesting that within this sample, GenAI use was highly common.
Table 1
Frequency Distribution of Usage Intensity, Delegation, and Perceived Outcomes (N = 197)
	Variable
	Response option
	n
	%

	Usage frequency
	Never / rarely
	8
	4.1

	
	Monthly (1–3×/month)
	18
	9.1

	
	Weekly (1–3×/week)
	85
	43.1

	
	Daily (≥ 1×/day)
	86
	43.7

	Delegation (% workload by AI)
	0–25%
	26
	13.2

	
	26–50%
	116
	58.9

	
	51–75%
	44
	22.3

	
	76–100%
	11
	5.6

	Disclosure of AI use
	Yes
	92
	46.7

	
	No
	27
	13.7

	
	Have not considered
	78
	39.6

	Self-rated skill change
	Significantly decreased
	1
	0.5

	
	Slightly decreased
	4
	2.0

	
	No change
	50
	25.4

	
	Increased slightly
	96
	48.7

	
	Increased significantly
	46
	23.4


Although students reported frequent use of GenAI, the data suggest that they used it mainly as a support tool rather than as a replacement for their own work. Most students (58.9%) said GenAI contributed between 26% and 50% of their presentation workload, while heavy delegation was uncommon, with only 5.6% reporting AI involvement at the 76–100% level. Minimal delegation was also relatively low at 13.2%. This pattern challenges the common concern about widespread “AI over-reliance” in education, as students appeared to retain substantial control over the final product. However, their disclosure practices were less consistent. While 46.7% reported openly acknowledging AI use, only 13.7% reported not disclosing it, and a large proportion, 39.6%, had not considered disclosure at all. This suggests that many students may lack clear guidance on AI attribution, pointing to a need for stronger institutional policy and curriculum support (Perkins, 2023). At the same time, students generally viewed GenAI as beneficial for their development, with 72.1% reporting slight or significant improvement in presentation skills and only 2.5% reporting decline. Overall, the findings present a balanced picture: students used GenAI frequently, but mostly in a controlled and supportive way, while issues of disclosure and academic guidance remain underdeveloped.
4.1.2 Purposes and Tools: An Asymmetric Delegation Pattern
Multiple-response analysis revealed a distinctive asymmetry in how students distribute AI assistance across the presentation workflow (Table 2). Preparation-stage tasks were extensively delegated: 93.4% of participants used AI for content preparation. In contrast, performance-stage tasks remained largely human-driven: only 34.0% used AI during the live presentation itself. Design (49.2%) and practice/feedback (41.6%) occupied intermediate positions in this gradient.
Table 2
Multiple-Response Frequencies for Purposes and Tools (N = 197)
	Category
	Option
	n responses
	% of responses
	% of cases

	Purposes of GenAI use
	Content preparation
	184
	42.8
	93.4

	
	Presentation design
	97
	22.6
	49.2

	
	Practice / feedback
	82
	19.1
	41.6

	
	Live presentation
	67
	15.6
	34.0

	Tools used
	Content generators 
	191
	47.6
	97.0

	
	AI search 
	103
	25.7
	52.3

	
	Slide creators 
	68
	17.0
	34.5

	
	Image generators 
	21
	5.2
	10.7

	
	Video generators 
	17
	4.2
	8.6

	
	Other 
	1
	0.2
	0.5


Note. Percentages of cases sum to more than 100 because participants could select multiple options.
Students showed a clear difference in how they used AI across presentation tasks. They seemed more willing to use AI for preparation work, such as generating ideas, organizing content, and drafting text, but they kept more control over the actual performance stage, such as speaking in front of an audience. This pattern aligns with recent findings that students prefer to use AI for structural preparation while retaining human oversight and control over final presentation outcomes (Georgiev & Tinsley, 2024). It also gives a more balanced view than the common concern about AI over-reliance. Rather than using AI for everything, students appeared to make careful choices about when AI support was useful and when they needed to rely on themselves.
A similar pattern appeared in the types of tools students used. Text-based GenAI tools were the most common, with 97.0% using content generators such as ChatGPT, Gemini, or DeepSeek, and 52.3% using AI-powered search tools. In contrast, fewer students used multimodal tools: 34.5% used slide creation tools such as Gamma or Tome, 10.7% used image generators such as Midjourney or DALL-E, and 8.6% used video generators such as Synthesia or Runway. This suggests that students did not simply adopt every kind of AI tool available. Instead, their use followed a text-first pattern, probably because academic presentations depend heavily on research, writing, and script preparation. Practical issues such as cost, difficulty of use, and unclear relevance may also explain why multimodal tools were less widely used.
4.1.3 User Typology: Three GenAI Adopter Profiles
Although the descriptive results showed that GenAI adoption was generally high, they did not fully show the differences in how students used these tools. To examine these differences more clearly, a K-means cluster analysis was conducted using six standardized indicators: usage frequency, delegation percentage, number of presentation stages using AI, number of AI tool categories used, perceived dependence on AI, and perceived usefulness. The analysis found that a three-cluster solution was the clearest and most balanced. All six variables showed significant differences across the clusters, with F values ranging from 21.34 to 59.96, all p < .001, and η² values from .18 to .38, indicating medium-to-large effects. Other options, including four-cluster and TwoStep solutions, were also tested, but they were either less balanced or less meaningful in explaining the data.
The three clusters differed systematically across behavioral and attitudinal indicators, as shown in Table 3. They were interpreted as distinct adopter profiles and labeled accordingly: Power Integrators, Selective Minimalists, and Skeptical Delegators.
Table 3
Profile of the Three GenAI User Clusters (N = 197)
	Indicator
	Cluster 1:
 Power Integrators
(n = 84, 42.6%)
	Cluster 2:
 Selective Minimalists 
(n = 72, 36.5%)
	Cluster 3:
Skeptical Delegators
(n = 41, 20.8%)
	F(2, 194)
	p

	Usage frequency (1–5)
	4.65
	3.99
	3.93
	21.34
	< .001

	Delegation band (1–4)
	2.54
	1.79
	2.24
	24.79
	< .001

	N presentation stages (0–4)
	2.73
	1.49
	2.29
	42.60
	< .001

	N tool categories (0–6)
	2.80
	1.33
	1.71
	50.60
	< .001

	Can complete without AI (1–5)
	3.11
	3.72
	2.51
	30.17
	< .001

	Perceived Usefulness (1–5)
	4.32
	3.90
	3.19
	59.96
	< .001

	Perceived Ease of Use (1–5)
	4.28
	3.95
	3.51
	18.76
	< .001

	Intention to continue use (1–5)
	4.55
	4.01
	3.54
	28.28
	< .001


The cluster results suggest that students did not use GenAI in one single way. Instead, their use formed three clear patterns, ranging from broad and confident integration to more limited or uneasy use. The largest group was the Power Integrators (n = 84, 42.6%). These students showed the strongest level of GenAI adoption. They used GenAI most frequently (M = 4.65), almost at the level of daily use, and applied it across more presentation stages than the other groups (M = 2.73 out of 4). They also used the widest range of tools (M = 2.80 out of 6). What makes this group stand out is their use of multimodal tools. Compared with the full sample, they were much more likely to use slide-creation tools (63% vs. 34.5%), AI search tools (81% vs. 52.3%), and image generators (19% vs. 10.7%). Their attitudes were also the most positive, with the highest scores for perceived usefulness (M = 4.32), perceived ease of use (M = 4.28), and intention to continue using GenAI (M = 4.55). 
A second group, the Selective Minimalists (n = 72, 36.5%), used GenAI in a much more careful and limited way. They were not avoiding AI, but they did not spread their use across many tools or tasks. Most of them used it for content preparation, with 88% reporting this purpose. However, only 7% used slide creators, and only 28% used AI search tools. This group also reported the strongest sense of independence, with the highest score for being able to complete a presentation without AI (M = 3.72). Their workload delegation was the lowest (M = 1.79), mainly falling within the 0–25% range. Even so, their views of GenAI were still generally positive, as shown by their perceived usefulness score (M = 3.90) and intention to continue using it (M = 4.01). This suggests that they were not skeptical users. Rather, they seemed to set boundaries around AI use and kept it mainly as a support tool.
The smallest group, the Skeptical Delegators (n = 41, 20.8%), showed the most complicated pattern. These students seemed to rely on GenAI, but they did not evaluate it as positively as the other groups. They had the lowest autonomy score (M = 2.51), suggesting that they found it difficult to complete presentations without AI. At the same time, they also had the lowest scores for perceived usefulness (M = 3.19), perceived ease of use (M = 3.51), and intention to continue using GenAI (M = 3.54). This creates a somewhat uneasy profile: they appear to need AI, but they are not fully comfortable with it or convinced of its value. For teaching practice, this group may be especially important because they may need more guidance on how to use GenAI with clearer purpose, less dependence, and greater confidence.
4.2 Research Question 2: Students' Perceptions of GenAI Usefulness and Ease of Use
RQ2 examined how students perceive the usefulness and ease of use of GenAI tools for academic presentations. At the construct level, students showed generally positive views of both TAM dimensions. The mean score for Perceived Usefulness was relatively high, PU (M = 3.94, SD = .67), and the mean score for Perceived Ease of Use was also high, PEOU (M = 4.00, SD = .74). Since both scores were above the scale midpoint of 3.00, the results suggest that students generally found GenAI useful and easy to use. However, the scores were not extremely high, which means students’ views were positive but not overly idealized. In other words, they appeared to recognize the value of GenAI while still leaving room for some caution or critical judgment. A closer look at the individual items provides a more detailed picture of how students understood GenAI’s usefulness and ease of use.
Table 4
Item-Level Descriptive Statistics for PU and PEOU (N = 197)
	Construct
	Item
	Item content
	M
	SD

	PU
	PU1
	AI helps me complete presentations faster
	4.29
	.82

	
	PU2
	AI improves content / idea quality
	4.25
	.82

	
	PU4
	I am satisfied with AI suggestions / content
	3.68
	.85

	
	PU6
	My presentation skills have clearly improved with AI
	3.54
	.95

	PEOU
	PEOU1
	Easy to learn how to interact with AI
	3.94
	.78

	
	PEOU2
	Entering prompts and adjusting outputs is not complex
	4.06
	.91

	
	PEOU4
	Using AI is intuitive and quick
	3.94
	.78

	
	PEOU5
	I easily understand and adjust AI-generated content
	4.08
	.87


The PU items suggest what this study calls a productivity-development asymmetry. Students gave the strongest support to items related to immediate task completion. For example, PU1, “AI helps me complete presentations faster,” had the highest mean score (M = 4.29), followed closely by PU2, “AI improves content / idea quality” (M = 4.25). In contrast, the item related to longer-term skill growth, PU6, “my presentation skills have clearly improved,” received the lowest mean score (M = 3.54). The difference between PU1 and PU6 was 0.75 points, which is meaningful on a 5-point scale. This suggests that students mainly understand GenAI’s usefulness in terms of saving time and improving the quality of the immediate product, rather than helping them gradually develop their own presentation skills. In practical terms, students seem to value what AI helps them produce more than what AI helps them learn. This distinction is important for how teachers design and explain AI-assisted assignments, as discussed in Section 5.
The PEOU items showed a more even pattern, with mean scores ranging from 3.94 to 4.08. This means that students generally found GenAI easy to use across different stages, including learning how to use it, writing prompts, interacting with the tool, and editing its output. The highest-rated item was PEOU5, “I easily understand and adjust AI-generated content” (M = 4.08). This suggests that students felt confident not only in using GenAI, but also in reviewing and modifying what it produced. Therefore, based on their self-reported ease of use, students did not see themselves as simply accepting AI-generated content passively. Rather, they appeared to see themselves as active editors who could adapt AI output to fit their own presentation needs.
5. Discussion 
5.1 Adoption Intensity 
The finding that 86.8% of students used GenAI at least weekly, with 43.7% using it daily, suggests that GenAI has become a routine part of academic presentation preparation in this sample. However, frequent use did not necessarily mean full dependence. Most students reported that AI contributed only 26–50% of their presentation workload, while very high delegation remained uncommon. This indicates that students generally used GenAI as a support tool rather than as a complete substitute for their own work.
At the same time, the findings show a gap between adoption and responsible-use awareness. Although 46.7% of students reported disclosing AI use, 39.6% had not considered disclosure. This suggests that students may be using GenAI more quickly than they are developing clear understandings of attribution and academic integrity. Therefore, the main pedagogical issue is no longer whether students use GenAI, but how well they are guided to use it transparently, critically, and appropriately.
5.2. The User Typology 
The identification of three distinct user profiles including Power Integrators, Selective Minimalists, and Skeptical Delegators demonstrates that students are not a uniform group. This suggests that the quality of engagement can vary independently from the quantity of use, a pattern that would be missed if the study only reported overall adoption rates. The differences among these groups are particularly revealing when examining how students balance AI assistance with their own academic autonomy. For instance, the Skeptical Delegators cluster highlights a particularly vulnerable subgroup of learners. These students report lower autonomy in their ability to complete presentations without AI, while simultaneously evaluating GenAI tools less positively. They may therefore be interpreted as dependent but less confident users. Because they appear to rely on the technology without being fully convinced of its value or ease of use, this group underscores the necessity of targeted pedagogical interventions. Educators must provide these students with structured practice to build both their independent presentation skills and their digital confidence.
This pattern is consistent with broader concerns in the literature that some students may rely on AI without fully trusting or valuing it. Their needs are unlikely to be addressed by either general pro-AI messages or strict usage restrictions, since they are not highly enthusiastic but also feel unable to avoid AI. Future longitudinal research could examine whether students’ GenAI engagement develops from limited use toward broader and more confident integration. This has important implications for curriculum design, as early AI literacy support may influence the kind of GenAI engagement pathway students eventually develop.
5.3. Students’ Evaluation of GenAI Usefulness and Ease of Use
The findings show that students evaluated GenAI positively in terms of both perceived usefulness and perceived ease of use. Both construct means were above the scale midpoint, suggesting that students generally found GenAI helpful and manageable for academic presentation preparation. However, the item-level results show an important distinction. Students rated GenAI most highly for helping them complete presentations faster and improve content or ideas. In contrast, they gave a lower rating to the item about whether AI clearly improved their own presentation skills. This suggests that students valued GenAI more for immediate productivity than for long-term skill development.
The study's findings regarding students' evaluations of Perceived Usefulness can be further understood through the extended Technology Acceptance Model (TAM2) proposed by Venkatesh and Davis (2000). According to their theoretical framework, users form usefulness judgments through cognitive instrumental processes, consciously comparing what a technology is capable of doing with what they specifically need to achieve. In this study, students appeared to value GenAI mainly for practical support, especially speed and content improvement. However, their lower rating for presentation-skill development suggests that they may not view AI assistance as equally valuable for deeper learning growth. This distinction indicates that GenAI may support task completion more readily than skill development unless educators design activities that require reflection, revision, and critical evaluation of AI-generated output.
5.4. Pedagogical Implications
The findings suggest several implications for GenAI integration in academic presentation tasks. First, because students already use GenAI frequently, educators should provide clearer guidance on appropriate task delegation, output evaluation, and disclosure of AI assistance. Second, assessment design should recognize students’ tendency to use AI more for preparation than for live performance by combining AI-supported preparation tasks with authentic oral delivery, explanation, and Q&A. Third, the three user profiles indicate that students may need differentiated support. Power Integrators may benefit from advanced guidance on critical evaluation and responsible multimodal use, while Selective Minimalists may need support in expanding effective uses of AI without weakening autonomy. Skeptical Delegators may require more structured practice to build confidence and reduce unreflective dependence. Finally, the gap between productivity gains and perceived skill development suggests that AI-assisted assignments should include reflection and revision activities so that students can connect AI use with learning growth rather than task completion alone.
5.5. Limitations
Several limitations should be considered when interpreting the findings. First, the study used a cross-sectional design, so it cannot establish causal relationships among AI use, perceived usefulness, ease of use, and intention to continue use. Second, the data were based on self-reported survey responses, which may not fully reflect students’ actual AI practices, prompt behavior, or presentation performance. Third, the sample was drawn from one Vietnamese university, limiting the generalizability of the findings to other institutional, disciplinary, or cultural contexts. Fourth, the Behavioral Intention construct was measured with only two items, which may limit its conceptual coverage despite acceptable reliability. Finally, the K-means clustering results should be interpreted as exploratory, as cluster solutions can be sensitive to sample characteristics and require validation with independent datasets. Future studies should use longitudinal, mixed-method, or performance-based designs to examine how GenAI use affects presentation development over time.
6. Conclusion
This study examined undergraduate students’ self-reported use of GenAI for academic presentation design and their evaluations of its usefulness and ease of use. The findings show that GenAI has become a routine support tool in students’ presentation preparation, particularly for content-related tasks. However, frequent use did not necessarily indicate full dependence, as most students reported only moderate levels of task delegation and retained greater control over performance-related activities.
The study also shows that students are not a homogeneous group of GenAI users. The three profiles, Power Integrators, Selective Minimalists, and Skeptical Delegators, suggest that students differ in usage frequency, task delegation, tool diversity, perceived autonomy, and attitudes toward GenAI. In addition, students valued GenAI more strongly for immediate productivity and content improvement than for long-term presentation skill development.
These findings highlight the need for pedagogically guided GenAI integration in higher education. Rather than focusing only on whether students use AI, educators should support students in using it transparently, critically, and purposefully. AI-assisted presentation tasks should therefore include clear guidance on disclosure, appropriate delegation, output evaluation, and reflective revision, so that GenAI use contributes not only to task completion but also to students’ academic and communicative development.
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