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Abstract
The integration of Generative AI (GenAI) has created a paradigm shift in English language learning as it offers transformative benefits, as well as ethical and academic challenges. While previous research focused on how often students use AI tools, a significant gap in understanding how students perceive their capacity to effectively engage with AI tools exists. This study investigated students’ AI usage patterns and their confidence in engaging with AI in learning contexts reflected through five key dimensions: AI-assisted learning, anthropomorphic interaction, emotional comfort, technical and prompting skills, and critical evaluation of AI outputs. The study adopted quantitative design. To collect the data, an online questionnaire was administered to 150 English-majored and non-English majored students. The findings indicated that the students demonstrate moderate to high levels of AI self-efficacy, particularly in using AI as a learning support tool. However, lower levels of confidence were observed in more advanced competencies, such as prompt engineering and critical evaluation of AI-generated content. The findings provide empirical insights into students’ readiness to engage with GenAI and offer implications for educators to foster more effective, critical, and responsible AI use in language learning.
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1. Introduction
In recent years, the rapid integration of generative artificial intelligence (GenAI) has created a paradigm shift in language education. With its various tools such as ChatGPT, Gemini, or DeepSeek, it is believed that the use of GenAI supports learners in enhancing language skills, particularly writing, speaking and communication, as well as reading and translation. Firstly, studies have shown that AI-powered tools played a central role in assisting learners to improve their writing proficiency through providing instant feedback, helping them generate new ideas, structure writing process, enrich vocabulary (Hartwell & Aull, 2023), and proofread grammar-related mistakes (Waer, 2021; Zhao, 2022). Furthermore, GenAI, especially chatbots, offer a non-judgmental learning environment, and can simulate roleplays which help students enhance their speaking fluency and pronunciation (Yuan & Lyu, 2024; Ismail & Alharkan, 2024; Kittredge et al., 2025; Dong et al., 2022). In addition, GenAI enables simplifying texts and translating complex information between different languages effortlessly, leading to improvements in reading and translation skills (Celik et al., 2025; Wang & Fussell, 2026). 
In addition, because AI-generated feedback is timely and well-structured, it would give students a sense of task completion which significantly enhances students’ self-efficacy. In this context, self-efficacy serves as a mediating factor and contributes to the behavioral intentionality of students and leads to the academic success (Zhou & Wang, 2026; Shahat et al., 2025; Qin et al., 2026). In addition, the use of AI applications can create a supportive and low-stress learning environment, which may help lower foreign language anxiety (Yuan & Lyu, 2024; Pertiwi et al., 2025; AlTwijri & Alghizzi, 2024). On the other hand, through the implementation of GenAI tools, personalization of learning and motivation for studying will be achieved (Liu et al., 2026).
However, although there were so many benefits considering the utilization of GenAI, many scholars also identified some potential drawbacks. Firstly, excessive dependency on AI-driven technologies to complete tasks like writing and translating with ChatGPT will make learners metacognitively lazy and, hence, hinder their critical and creative thinking, problem solving, and independent reasoning (Sardi et al., 2025; Zhai et al., 2024). Secondly, the utilization of AI-driven technologies was associated with several ethical concerns like cheating, plagiarism, bias in algorithms, and difficulty in capturing cultural nuance (Almusharraf et al., 2025; Wang & Fussell, 2026; Bećirović et al., 2025).
In the context where AI tools are increasingly accessible and their benefits and risks become more evident, AI self-efficacy has become a crucial factor in determining whether students can engage with these tools meaningfully and achieve academic success. AI self-efficacy refers to students’ internal belief in their ability to use them effectively (Rajapakse et al., 2024). In essence, AI self-efficacy affects the decision to perform an activity, the degree of commitment to the activity, and the level of persistence when faced with difficulties (Xia, 2026). Highly efficacious learners treat difficult tasks as challenges and not obstacles. They also actively employ AI tools, set themselves high goals, and monitor their learning process (Gao et al., 2025; Bećirović et al., 2025). 
In addition, regarding tasks such as writing, students with high AI self-efficacy demonstrate greater readiness in searching for, analyzing, and internalizing feedback from artificial intelligence systems (Thurman, 2026). Rather than being passive in the face of AI-generated outputs, they use it as a tool to improve themselves and exhibit stronger feedback literacy and autonomy (Almusharraf et al., 2025). Moreover, AI self-efficacy has been shown to have a direct impact on one’s educational achievement. There exists a significant and direct correlation between an individual’s academic self-efficacy and his or her learning outcomes in AI-mediated settings (Xu et al., 2024). In combination with an appropriate environment, it improves learners’ proficiency and task performance (Zhou & Wang, 2026; Shahat et al., 2025). 
While the adoption of AI technology may create stress for learners, self-efficacy serves as a strong coping resource. Students with high self-efficacy tend to experience considerably lower levels of learning anxiety when using AI technology (Tang et al., 2026; Qin et al., 2026). By alleviating fear and emotional distress, self-efficacy contributes to freeing up cognitive capacities, enabling students to engage in deep learning and avoid stress (Xu et al., 2024; Yan et al., 2025). Lastly, one of the risks related to the use of AI is its negative effects on learning independence. High levels of dependency on AI might cause students to depend excessively on the technology to complete academic tasks instead of doing so themselves. Nevertheless, those students with high AI self-efficacy adopt a proactive attitude towards the use of AI and utilize it to achieve their learning goals (Zhang et al., 2024). At the same time, those students whose self-efficacy is low and who doubt their own capabilities resort to AI as a compensatory strategy, which results in the risk of dependency (Huang & Mizumoto, 2024). 
Considering the potentials and challenges of AI tools integration for learners and the gaps in previous studies, which mainly investigated AI acceptance, AI usage patterns, or skills-related outcomes, this study focuses on students’ perceived capacity to use AI tools across different levels from basic learning support to prompting and critical evaluation. This study considers AI self-efficacy as a multidimensional construct and aims to examine which dimensions have the strongest impact on students’ academic performance. 
This study was conducted for the purpose of exploring the relationship between AI self-efficacy and academic performance in EFL contexts. It aimed at examining the current levels of AI self-efficacy among EFL students across five specific dimensions: AI-assisted learning, anthropomorphic interaction, emotional comfort, technical and prompting skills, and critical evaluation. Secondly, it seeks to evaluate the predictive power of AI self-efficacy on the academic performance of EFL students.
The current study seeks to answer the following research questions:
1. To what extent do EFL students demonstrate AI self-efficacy across the five dimensions?
2. To what extent does AI self-efficacy significantly predict the academic performance of EFL students?
2. Literature review
2.1. Defining AI self-efficacy in education
The term AI self-efficacy has been described as “a person’s sense of efficacy to accomplish certain activities or go through certain scenarios involving AI technologies” (Zhang et al., 2025, p. 4). It refers to the confidence and assurance of a learner concerning their ability to effectively arrange, undertake, and engage with the use of AI technologies to accomplish a set goal (Gao et al., 2025; Yuan & Lyu, 2024). Rooted in Bandura’s social cognitive theory, which proposes that self-efficacy determines the actions of a person including motivation, effort, and persistence, this concept has been modified and tailored to meet the requirements of current AI (Zhang et al., 2025). In education settings, AI self-efficacy refers to students’ belief in themselves to independently work with AI technologies and learn how to solve their academic problems efficiently (Zhang et al., 2025; Gao et al., 2025; Cong-Lem et al., 2025). For instance, in writing, AI self-efficacy entails the degree to which students believe in their capability to use AI technologies to write successfully (Cong-Lem et al., 2025; Shen & Tao, 2025). A student with high levels of AI self-efficacy is more likely to be proactive while working with AI technologies. They are able to cope with difficulties in their studies and experience less classroom and learning-related anxiety (Yuan & Lyu, 2024; Gao et al., 2025).
2.2. Dimensions of AI self-efficacy
	Previous studies have characterized AI self-efficacy as a multidimensional construct that covers operational, cognitive, affective and metacognitive dimensions. The first dimension of AI self-efficacy reflects learners’ confidence in interacting with AI tools. It involves learners’ technical and prompting skills as well as their understanding of how AI functions, its mechanisms, and the cognitive processes behind AI tools (Bećirović et al., 2025). Cognitive dimension reflects learners’ confidence in utilizing AI as an intellectual partner to achieve learning goals. This dimension includes the use of AI to support learning, research, and self-regulation activities such as goal setting, planning and monitoring progress (Shen & Tao, 2025). The affective dimension of AI self-efficacy comprises comfort and anthropomorphic interaction, which reflects learners’ beliefs in their own capability to effectively interact with AI agents that imitate human dialogue. This dimension requires in learners necessary resilience to use AI without technological stress (Wang & Chuang, 2024). Last but not least, metacognitive and ethical dimension ensures that learners use AI in a productive and ethical manner. It requires critical evaluation of AI outputs and learners’ ability to detect factual inaccuracies, algorithmic biases, and hallucinations (Almusharraf et al., 2025). In addition, ethical and responsible integration of AI tools into learning is also required because it reflects learners’ confidence to navigate ethical dilemmas such as plagiarism, data privacy and ensures that learners use technology within established boundaries (Bećirović et al., 2025).
Other researchers also suggest context-specific dimensions such as productive and receptive efficacy, or writing efficacy (Liu et al., 2026; Shen & Tao, 2025). For instance, for productive and receptive efficacy, learners distinguish between their confidence in using AI tools for active output of speaking and writing skills or comprehension tasks such as listening and writing (Liu et al., 2026). On the other hand, for academic writing, self-efficacy is broken down into smaller steps in which AI tools are involved in the learning process such as brainstorming, linguistic rules, and self-regulation (Gao et al., 2025). 
Within the current study, AI self-efficacy is referred to as a multidimensional construct encompassing five main dimensions of AI assistance, anthropomorphic interactions, comfort, technical and prompting skills, and evaluation of AI-generated outputs. These dimensions reflect not only whether a learner uses AI, but also how effectively, confidently, and ethically they integrate it into their own learning pathway.
2.3. The role of AI self-efficacy in language education
The literature demonstrates consistent positive relationships between the level of AI self-efficacy and students’ academic results and output quality in English courses. Specifically, academic self-efficacy among EFL learners working in an AI-assisted environment positively impacts their English learning achievements to a high degree with the maximum value in one of the structural equation models is equal to 0.940 (Xia, 2026). Students who believe in their abilities to use various technological tools including the generative AI software are employing particular writing strategies based on their use. These actions improve L2 writing proficiency and satisfaction levels among EFL students.
Moreover, AI self-efficacy acts as an engine of learner motivation and multidimensional engagement through behavioral, cognitive, and affective processes. According to self-determination theory, using AI-based tools that are customized for one’s needs allows for the fulfillment of basic psychological needs for competence, thus stimulating autonomous, intrinsic motivation in the learner (Liu et al., 2026). For instance, using ChatGPT in an organized manner within EFL classrooms has been found to positively affect students’ ideal L2 self and L2 experience motivations, resulting in enhancing the relationship between writing self-efficacy and motivational orientations of learners (Huang & Mizumoto, 2024). Moreover, self-efficacy is related to learning grit; those who show more grit will have more mastery experiences in using AI tools, thus enhancing their self-efficacy.
Finally, within the framework of the technology acceptance model (TAM), self-efficacy is an essential construct that links perception of the AI-based tools by the learners to their actual behavior and foreign language learning. Specifically, the higher EFL students perceive the generation AI-based tool to be as easy and useful to employ, the stronger will be their self-efficacy in terms of the tool use, which, in turn, will predict their intention to use it further (Almusharraf et al., 2025). 
2.3. The relationship between AI self-efficacy and academic performance
Previous studies have revealed an obvious correlation between AI self-efficacy and academic performance in which academic performance can be predicted by AI self-efficacy (Teng, 2025). As seen from the findings of the study by Xia (2026) who used structural equation modeling in researching English as a Foreign Language (EFL) students, there was a huge path coefficient (β=0.940) of students’ academic self-efficacy with regard to their learning outcome when utilizing generative AI technology. High AI self-efficacy enables students to be certain about their capability to reach academic goals, hence putting them in a position to make necessary efforts and persevere in the learning process using AI technologies (Zhang et al., 2025). It has been similarly noted that students with high self-efficacy predict positive test outcomes (Hao et al., 2025).
However, important cautions when considering how one’s AI self-efficacy impacts their academic performance in general are also noticed. Whereas Bećirović et al. (2025) demonstrated that one’s AI self-efficacy indeed plays a significant role in predicting the level of quality of the generated AI output (β=0.229), it appears that its influence on the overall academic performance of students is not as significant and can be considered merely positive, yet statistically insignificant (Bećirović et al., 2025). An important risk should be noted in this context. If the application of students’ AI self-efficacy results only in producing prepackaged outputs, and does not involve necessary mental operations like analyzing, reading, questioning, and problem-solving, then AI usage could have a detrimental effect on learning outcomes (Xia, 2026). This is because although students might seem highly self-confident in the use of AI technology, their self-confidence is only aimed at acquiring outputs. 
2.4. Conceptual framework
The conceptual framework of AI self-efficacy in the current study encompasses five components: AI learning and research assistance, AI technical and prompting skills, anthropomorphic interactions, comfort and emotional readiness, and technical and prompting skills, AI critical evaluation and responsible use. Firstly, AI technical and prompting skills represent the foundational, technical confidence required to navigate AI systems effectively. It includes not only learners’ technological understanding but also their practical application of AI tools. Secondly, anthropomorphic interactions measure learners’ comfort and effectiveness in treating AI as a conversational partner, virtual tutor, or collaborative peer. Thirdly, AI learning and research assistance reflects learners’ confidence in using AI as an intellectual partner to achieve specific academic and research tasks. Fourthly, the affective dimension of AI self-efficacy is characterized by learners’ comfort and emotional readiness associated with AI usage. Highly efficacious learners perceive AI as a non-judgmental partner, which creates a psychologically safe environment that significantly reduces foreign language anxiety and fear of negative evaluation and increases learners’ perceived control of AI tools as well as enjoyment. Finally, AI critical evaluation and responsible use reflect learners’ confidence in applying higher-order thinking to review, question, and interpret AI-generated outputs. Efficacious users trust their ability in detecting algorithmic biases, factual inaccuracies. In addition, this dimension also measures learners’ ability to resist dependency on AI, in which learners tend to blindly accept AI feedback or use it as a shortcut to replace genuine learning. Another critical characteristic of AI efficacious learners is reflected in their confidence in navigating ethical decisions related to plagiarism and data privacy and the use of technology in a responsible way within academic environments. 
This conceptual framework was adapted from Wang and Chuang’s (2024) four-dimensional framework comprising assistance, anthropomorphic interaction, comfort, and technological skills. However, an important fifth dimension, AI critical evaluation and responsible use, was added to ensure learners’ confidence leads to efficient and ethical integration of AI tools into learning. In this conceptual framework, AI technical and prompting skills serve as the foundational engine. Once a learner feels technically capable, their comfort and emotional readiness are activated, which in turn facilitates smooth anthropomorphic interaction, lowering anxiety and making the technology feel accessible and safe. These foundational and affective dimensions empower learners to utilize AI for deep learning and research assistance. But in order for this aid to translate into real academic success, the whole process must be guided by the critical analysis and responsible use of AI. In total, these five components make up an AI self-efficacy framework, determining not only the frequency of AI tool usage, but also the quality of its correlation with successful academic outcomes. 
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Figure 2.1. 
A conceptual framework of AI self-efficacy (adapted from Wang and Chuang, 2024)
3. Methodology
3.1. Pedagogical settings & participants
This study was conducted with the participation of 150 students from HCMC University of Foreign Languages – Information Technology. The students were currently attending different courses in the second semester of the academic year 2025-2026. Convenience sampling was used for the current study. Below is a table describing the participants’ demographic information. 
Table 3.1. 
The participants’ demographic information (n= 150)
	Variables
	
	Number
	Percentage

	Gender
	Male
	36
	24%

	
	Female
	114
	76%

	Major
	English
	114
	76%

	
	Non-English
	36
	24%

	Year
	First year
	112
	74.7%

	
	Second year
	38
	25.3%

	Scores
	Excellent 
	72
	48%

	
	Good
	37
	24.7%

	
	Fair
	31
	20.7%

	
	Poor
	10
	6.7%



Demographic characteristics of participants were provided in Table 3.1. There were totally 150 participants in this sample. With respect to gender, female participants comprised 76%, while male participants constituted 24% of the sample. English-majored students comprised 76%, while non-English-majored participants comprised 24%. In regard to academic year, freshmen comprised 74.7%, while sophomores comprised 25.3% of the participants. In terms of academic performance, most participants performed excellently. They constituted 48% of the sample. Those who performed very well and well comprised 24.7% and 20.7%, respectively. Poor performers comprised only a minor portion of the participants (6.7%). Overall, the sample largely comprised female, English-majored freshmen with high academic performance. Although the sample is heavily weighted toward female participants and English language majors, this imbalance indeed reflects the genuine demographic characteristics of university level EFL programs.
3.2. Design 
This study employed a quantitative research design utilizing a cross-sectional survey methodology. This approach was chosen over qualitative or mixed-methods design because it’s suitable for quantifying the perceptions of behaviors of a large student population, which ensure objectivity. In addition, by using a structured survey, this study can statistically analyze how specific dimensions of AI self-efficacy interact within a large number of participants. Specifically, quantitative data was collected through an online survey with the participants. The purpose of the survey is to measure the current level of AI self-efficacy of the participants. Quantitative data was collected via an online questionnaire delivered through the LSM Moodle system of the university. The questionnaire was adapted from the framework designed by Wang and Chuang (2024), with the addition of a fifth dimension incorporated based on literature review of the current literature about AI literacy. The questionnaire included 44 items and was divided into three main parts. The first part aimed at collecting students’ demographic information and their academic performance characterized by the midterm scores of the current subjects. The second part investigated the students’ current level of AI usage including frequency, purposes, and perceived effectiveness and AI usage pattern including using AI as writing assistance, learning support and analytical tasks. The third part measured students’ AI self-efficacy focusing on the five dimensions of AI including learning and research assistance, AI technical and prompting skills, anthropomorphic interactions, comfort and emotional readiness, and AI critical evaluation and responsible use. 
Reliability scores of the questionnaire are presented on Table 3.2 below:
Table 3.2. 
Reliability of the instrument
	Dimension
	Cronbach’s Alpha
	Number of items

	Learning and research assistance
	0.834
	5

	AI technical and prompting skills
	0.626
	2

	Anthropomorphic interactions
	0.853
	5

	Comfort and emotional readiness
	0.870
	6

	AI critical evaluation and responsible use
	0.836
	4



In addition, midterm grades used in the current study were self-reported by the students, based on the scores provided by their instructor. Given that these grades originate from different courses, threat to internal validity is mitigated by a highly standardized grading structure across all courses. Specifically, midterm scores comprise a uniform weight distribution consisting of 10% attendance, 30% self-study, and 60% progress tests.
3.3. Data collection & analysis
Quantitative data were analyzed utilizing statistical tests on SPSS 26. Descriptive statistics in terms of frequency, percentage, mean, and standard deviation were used for summarizing demographic information about participants, extent of use of AI technology, and levels of AI self-efficacy. Correlation analysis via Pearson correlation was used to analyze the relationship between self-efficacy and academic performance. In addition, linear regression was used for analyzing the predictive effect of self-efficacy with regard to academic performance of the learners.
4. Findings
4.1. AI usage pattern among the participants
Table 4.1.1. 
Students’ purposes of AI use
	Purposes of use
	Frequency
	Percentage

	Writing / correcting grammar / editing English texts
	129
	86%

	Summarizing learning materials
	110
	73.3%

	Practicing speaking and pronunciation
	51
	34%

	Translating
	85
	56.7%

	Finding ideas or outlines for essays / presentations
	123
	82%

	Doing quizzes / exam preparation
	33
	22%



Table 4.1.1 shows the goals students have in mind when using AI technologies in their English studies. The first goal mentioned by 86% of the respondents is associated with the usage of AI in the processes of writing, proofreading, and editing their English texts. Thus, it can be concluded that students use AI mostly as a means of developing their writing skills. Another goal of using AI tools by students is connected with finding some ideas and creating outlines for essays or presentations. The percentage of students who use AI in this case was equal to 82%, which demonstrates that artificial intelligence technologies can play a vital role during the stage of preparing an essay or presentation. It should be added that 73.3% of students used AI to create summaries of educational materials. Furthermore, over 50% of the participants utilized AI for translating English text into Russian, which can also help students learn the language better. However, there were fewer students who used artificial intelligence for practicing speaking skills and pronunciation (34%) and preparing for exams/quizzes (22%). Overall, the results indicate that students employ AI primarily for text-related and academic purposes, which include improving writing and studying course materials. Consequently, AI can be considered a tool for generating and understanding languages rather than a tool for practicing speaking skills.
Table 4.1.2. 
Perceived effectiveness, dependency and revision degree (n = 150)
	Dimensions
	Levels
	Frequency
	Percentage

	Frequency of use
	Sometimes
	2
	1.3%

	
	Often
	74
	49.3%

	
	Very often
	74
	49.3%

	Perceived effectiveness
	Moderately effective
	28
	18.7%

	
	Effective
	68
	45.3%

	
	Very effective
	54
	36%

	Perceived dependency
	Not dependent at all
	2
	1.3%

	
	Slightly dependent
	10
	6.7%

	
	Moderately dependent
	71
	47.3%

	
	Dependent
	63
	42%

	
	Highly dependent
	4
	2.7%

	Revision degree
	Minor revision needed
	8
	5.3%

	
	Moderate revision needed
	63
	42%

	
	Substantial revision needed
	62
	41.3%

	
	A lot of revision needed
	17
	11.3%



Table 4.1.2 reflects the opinions of the respondents about their AI usage for learning English. Generally speaking, students reported quite a high frequency of using AI. All but one respondent used AI tools often or very often, whereas most participants used AI very often. As far as perceived effectiveness is concerned, the majority of respondents believed that AI tools were effective or very effective for learning English. It means that the majority of respondents had a good impression about the utility of using AI in the process of learning. When it comes to the degree of dependence, the majority of students reported that they had a moderate or relatively high degree of dependence on AI. The biggest percentage was reported for moderately dependent students. Next, there was a high percentage of dependent students. Considering the degree of revision is concerned, it is possible to note that most students reported a need for moderate or considerable revision of the results produced by AI.
4.2. AI self-efficacy among the participants
Table 4.2. 
Students’ AI self-efficacy (n=150)
	Dimensions
	Mean

	AI learning & research assistance
	4.20

	Anthropomorphic interaction
	3.85

	Comfort & emotional readiness
	4.11

	AI technical and prompting skills
	3.05

	AI critical evaluation and responsible use
	2.90

	AI self-efficacy
	3.62



Table 4.2 reveals students’ level of AI self-efficacy. As can be seen, the students’ overall AI self-efficacy level is at the mean score of 3.62. Based on the interval classification scale (1.00 – 1.80 Very Low; 1.81 – 2.60 Low; 2.61 – 3.40 Moderate; 3.41 – 4.20 High; 4.21 – 5.00 Very High), this level of confidence is categorized at the high level. Among the five dimensions of AI self-efficacy, AI learning & research assistance occupies the highest rank with the mean score of M = 4.2 (high level). This result shows that students are confident in using AI as a support tool to solve learning problems and increase their productivity.
Comfort & emotional readiness and anthropomorphic interaction rank second and third with M = 4.11 (high level) and M = 3.85 (high level). Students are confident in communicating with AI as if it were a human through conversational flow. In addition, they also demonstrated a high level of emotional ease and reduced anxiety when interacting with AI tools. In addition, students’ AI technical and prompting skills are at an average level with M = 3.05 whereas AI critical evaluation and responsible use rank last with the mean score of 2.90 (average level). This lower level reveals that students often struggle with complex prompts and have difficulties judging the accuracy, bias, and reliability of AI-generated contents.
In general, while students demonstrate high levels of confidence in utilizing AI for basic learning and research assistance, their self-efficacy regarding critical evaluation and responsible use is noticeably lower. This suggests a significant gap in terms of confidence among the students. This is because while the students were very confident, comfortable, and prepared to use AI tools effectively for performing learning tasks, their self-assurance about their ability to use AI technology and prompting engineers were not at the same level. 
4.3. The relationship between AI self-efficacy and academic performance
Table 4.3.1. 
Correlation between AI self-efficacy and academic performance
	Correlation
	AI learning & research assistance
	Anthropomorphic interaction
	Comfort & emotional readiness
	AI technical and prompting skills
	AI critical evaluation and responsible use

	Scores
	Pearson correlation
	-.152
	.13
	-.040
	.285**
	.340**

	
	Sig. (2-tailed)
	.064
	.878
	.624
	.000
	.000

	
	N
	150
	150
	150
	150
	150



The correlation between AI self-efficacy dimensions and student’s academic performance is represented in Table 4.3.1. It can be observed that there were only two significant correlations found between the AI self-efficacy dimensions and student’s scores – the dimension AI technical and prompting skills and the dimension AI critical evaluation and responsible use. Thus, AI technical and prompting skills demonstrated a positive correlation, which indicates that those students who felt more self-assured in writing prompts and utilizing AI in technical ways obtained higher academic scores. AI critical evaluation and responsible use was positively correlated with higher student’s performance, which means that students who were able to critically evaluate the material generated by AI performed better.
However, AI learning and research support, anthropomorphic engagement, and emotional preparedness did not have any statistical association with the performance of the students. It means that only finding AI useful, comfortable interactions with AI, and being emotionally prepared to use AI alone cannot contribute to higher achievement at school. All in all, the results seem to indicate that there is a stronger link between better academic achievements and students’ high-level AI competencies, namely, prompting and critical assessment.
Table 4.3.2. 
Results of multiple regression analysis examining the effects of AI self-efficacy dimensions on academic performance
	Variables
	B
	β
	t
	Sig

	AI learning & research assistance
	-0.278 
	-0.136 
	-1.879 
	.062 

	Anthropomorphic interaction
	-0.010 
	-0.006 
	-0.077 
	.939 

	Comfort & emotional readiness
	-0.128 
	-0.063 
	-0.867 
	.387 

	AI technical and prompting skills
	0.400 
	0.321 
	4.395 
	.000*** 

	AI critical evaluation and responsible use
	0.456
	0.389 
	5.303 
	.000***



	Statistic
	Value

	R
	0.497

	R²
	0.247

	Adjusted R²
	0.221

	F
	9.451

	Sig. (F)
	.000***

	N
	150


Note: *p < .05, **p < .01, ***p < .001
The effects of self-efficacy on learning outcomes have been investigated using linear regression analysis in Table 4.3.2 below. The linear regression model has been proven to be statistically significant at F=9.451, p<.001 with R² = 0.247 or an explanatory power of 24.7% in predicting students’ performance. The regression analysis indicates that general AI self-efficacy does not predict academic success. Instead, its impact is dependent on specific, high-level competencies. Out of the five factors considered, technical prompting skills and critical evaluation turned out to be important positive predictors of academic performance, while help, anthropomorphism, and comfort failed to be statistically significant. More precisely, technical proficiency and ability to engineer prompts played a positive part in the influence exerted on the dependent variable (β = 0.321, p < .001), which means that the greater technical expertise and proficiency is in terms of creating appropriate prompts, the higher dependent variable becomes. It is worth noting that the AI critical evaluation and use of AI turned out to be the strongest predictor of this outcome (β = 0.389, p < .001), which demonstrates the importance of critical evaluation and use in achieving high academic performance. In contrast, such variables as help, anthropomorphism, and emotional comfort did not prove to be statistically significant at all, giving p-values of .062, .939, and .387 respectively.
5. Discussion
The present study was carried out with the aim of studying students’ AI self-efficacy level and its relationship with learning performances. According to the findings, there are several important points which could be highlighted.
First of all, in relation to students’ interaction with AI for learning purposes, the findings reveal that students engage with AI tools at a high level across writing, learning support, and analytical tasks, confirming that AI is no longer a novelty but a routine academic instrument. These findings are consistent with the results obtained by Cong-Lem et al. (2025), who investigated English-majored students in Vietnam, also reported a high level of interaction with AI (42% use it regularly, 8% use AI daily whereas 45% use it occasionally). Besides, Fauzi et al. (2025) states that students’ interactions with AI are positively correlated with their attitudes and willingness to use it in the future. In general, the results point to a pattern in which students use AI more proficiently for improving writing skills and facilitating learning processes rather than using it as an aid for critical reasoning. Moreover, these findings correspond to the trend within higher education where students are actively using AI not only for personal assignments such as helping with writing but also entering into an ecosystem of various tools that they use frequently to achieve learning goals.
Secondly, the results show that the students had a relatively high level of self-efficacy with respect to AI, meaning that they believed that they were able to use AI tools in order to support their learning and academic activities. Similar results were found in the study conducted by Almusharraf et al. (2025), who claimed that EFL students in Saudi Arabian universities demonstrated high levels of AI self-efficacy with M= 3.77. Particularly, the students expressed high levels of self-assurance in using AI for idea generation and improving writing skills. In addition, the same pattern was observed in the research conducted by Yuan and Lyu (2024), which involved Chinese students. However, there is still evidence of an existing confidence gap. Students were generally confident in the use of AI to facilitate general learning but were only moderately confident about their technical and prompting competencies, with the lowest being related to critical evaluation and responsible usage. It is evident that students have confidence in their basic knowledge and application of AI technology rather than more complex competencies, including the ability to develop prompts, control output, spot bias, and evaluate AI-generated content for accuracy. The findings mirror those in a similar study conducted by Hao et al. (2025). Despite their positive perception of AI as beneficial and easy to utilize, the self-efficacy levels of Chinese university students stayed relatively low. In addition, the use of GenAI more often was not linked to higher levels of confidence. As stated in the study, the reason for this phenomenon may lie in students’ poor exposure to AI technologies, access limitations, and lack of institutional guidance on proper integration of AI technology in learning processes.
Lastly, the findings from the regressions indicate that academic performance is associated with AI self-efficacy, specifically with higher-order competence of AI technical and prompting skills and AI critical evaluation and responsible use within AI self-efficacy. This result aligns with Xia’s (2026), who studied the effects of self-efficacy on the academic achievements of students in relation to generative AI. Furthermore, the same result was obtained by Hao et al. (2025) during their research on the connection between self-efficacy and predictions of students’ academic performance in tests. Therefore, the results of the current study can be confirmed by the above literature evidence. This means that the students who have higher self-efficacy are more inclined to be successful in their studies due to the high motivation for mastering AI tools.
On the other hand, it becomes clear that not all dimensions of AI self-efficacy affect the same way. Indeed, academic outcomes depend on students’ technical competence and prompting abilities, alongside critical evaluation and proper utilization of AI-generated text. Thus, merely perceiving AI technology comfortably and as an assisting tool cannot lead to improvement of learning outcomes. The key point here refers to the possibility of controlling AI interactions, generating appropriate prompts, evaluating AI-generated outputs, and making ethical decisions while working with AI. In such a manner, it seems that academic success may differ from the frequency of AI utilization. In fact, it was demonstrated that high self-efficacy positively influences interaction with AI technologies, although frequent utilization does not necessarily result in successful learning.
Overall, it is important for educators to realize the major pedagogical implications of the results that students must not just be encouraged to use AI in their studies, but also taught how to use AI wisely, effectively, and ethically. If learners are able to take their AI-based activities to a higher level through developing competencies such as prompting and evaluating, their learning experience becomes far more valuable.
It follows from the results of this study that AI self-efficacy plays a significant role in motivating students to work with technologies based on artificial intelligence while high-level competencies such as technical prompting and critical evaluation play an even more important role in influencing academic performance. These results show that it is crucial for educators to encourage their learners to engage in reflective activities related to AI use in the educational process. In other words, learners’ AI self-efficacy can contribute to improved academic achievement only when confidence is accompanied by meaningful engagement with AI. Students should use AI as a collaborative learning tool to support reasoning, reflection, revision, and knowledge construction rather than merely to produce ready-made answers.
6. Conclusion & recommendations
In conclusion, the present study shows that the use of AI tools by EFL students is characterized by sufficient confidence. Furthermore, academic success is mostly associated with the ability to utilize technology and prompt writing, combined with critical assessment and proper application. This implies that it is the ability of students to create appropriate prompts, assess, correct, and validate AI output, as well as apply AI in an ethical manner that is likely to make them succeed academically. On the other hand, being familiar with AI and considering AI to be a helpful assistant is unlikely to lead to higher academic success.
From the results, some important implications were drawn. Firstly, the major implication for students is that it is not enough to become proficient in using AI often; they should focus on how to use AI effectively. Specifically, this involves critical analysis and verification of what has been produced by AI rather than copying AI suggestions without assessing and improving them. With the finding that education must move beyond simply giving students access to AI technologies, instructors must directly educate students on appropriate prompting techniques, AI output evaluation, and ethical use of AI. Students should be required in their assignments to detail their use of AI, modifications made, and evaluations of the output quality.
For educational institutions, the implications are that they must move beyond just providing AI technology access to developing students’ AI competency. This involves creating AI competency frameworks, embedding AI literacy into educational programs, and establishing guidelines for responsible use of AI. Institutions should also focus on educating educators about AI pedagogy and assessment using AI so that it can be utilized responsibly.
In summary, mere access to AI technology is not sufficient in terms of its effective integration in EFL learning. Students require the necessary competency to be able to employ AI technology in an effective manner.
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