AI-Driven Self-Directed Language Learning: Strategy Use and Gender Perspectives among Vietnamese EFL Undergraduates
Huynh Thanh Trung [footnoteRef:1], Chau Thi Kim Ngan [footnoteRef:2], Vo Thi Tien [footnoteRef:3], & Tran Quoc Thao [footnoteRef:4] [1:  Corresponding author (presenting author), Lecturer, English, Saigon Institute of Technology, HCMC, Vietnam; Email: trunght@saigontech.edu.vn]  [2:  Teacher, ASEL Language School, Long An, Vietnam]  [3:  Post-graduate student, English, Ho Chi Minh City University of Technology, HCMC, Vietnam]  [4:  Associate Professor, Foreign Languages, Nguyen Tat Thanh University, HCMC, Vietnam] 


Abstract
Artificial intelligence (AI) has recently emerged as a prominent force in language learning, opening opportunities to foster students’ learning autonomy and strengthen their self-directed learning skills. AI is reshaping educational settings at a dramatic pace. Yet evidence on how students in Vietnam actually put these tools to work in their own learning remains limited. This study examined how Vietnamese EFL undergraduates at one vocational college employ AI-driven self-directed language learning strategies (AI-SDLLS), and whether gender shapes strategy use. Adopting a convergent mixed-methods design, it paired a questionnaire (N = 52) with semi-structured interviews (n = 16). The findings revealed a consistent descriptive pattern: cognitive strategies such as grammar correction, translation, and idea generation were used most frequently, metacognitive and affective strategies surfaced at moderate levels, and social strategies ranked lowest. This pattern suggests that students gravitate toward AI for immediate, task-level support but underuse it for planning, self-monitoring, or collaborative learning. As for gender, independent-samples t-tests detected no significant differences across the four subscales, though the modest sample limits statistical power. Given its single-institution scope, the study offers context-specific evidence rather than a national picture. Targeted AI-literacy and metacognitive-strategy instruction, coupled with teacher preparation for responsible integration, could support Vietnamese classrooms as they move toward English as a Second Language (ESL) practice.
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1. Introduction
Vietnam’s English-language landscape is shifting. Driven by national policy and labor-market demand, English is increasingly positioned as a language for higher education, employment, and global participation (Tran et al., 2019). This repositioning is best understood as a policy and pedagogical aspiration, an ongoing reorientation toward English as a second language (ESL), rather than a completed sociolinguistic shift, since for most Vietnamese learners English remains a foreign language encountered largely in the classroom. Realizing this aspiration depends in part on what happens beyond the classroom walls, where AI is fast becoming part of everyday study.
Since 2022, generative AI tools such as ChatGPT or Grammarly have moved from the periphery to the mainstream of undergraduate study (Annamalai et al., 2023; Lam, 2024). On-demand correction, translation, conversational practice: these tools personalize instruction at a scale classroom teachers cannot easily reach (Baskara & Mukarto, 2023; Benek, 2025). Consider the learner pursuing self-directed learning (SDL), “an awareness and control over ways to learn” (Curry et al., 2017, p. 18). For that learner, AI looks like the ideal extension of teacher-led instruction: scaffolding available anywhere, anytime, tailored to whatever question arises.
The empirical record on AI in EFL settings grows fast, but unevenly. Three limitations recur. First, most studies fix on a single tool, usually ChatGPT, and a single skill, usually writing (Pham & Cao, 2025). Second, many report what learners think AI is good for, not the strategic moves learners actually make once AI enters the picture (Wang et al., 2025; Yang & Li, 2024). Third, despite an obvious conceptual fit, vanishingly few anchor their analysis in established frameworks of language learning strategies or self-regulated learning (Zhang & Zou, 2024). The Vietnamese picture narrows further: classroom studies dominate, and gender’s role in AI-mediated SDL remains largely unexamined (Ngo et al., 2025; Vo & Nguyen, 2024).
These gaps matter for two reasons, both tied to the conference theme. First, the EFL-to-ESL transition is, for the individual learner, a shift away from compliance with classroom routines toward autonomous, lifelong engagement with English; lacking evidence on how learners self-direct with AI, teacher educators cannot prepare future teachers to scaffold that shift responsibly. Equity is the second. Should male and female students draw on AI in systematically different ways, generic guidance will quietly leave some students under-served.
Accordingly, this study addresses two research questions:
RQ1. What AI-driven self-directed language learning strategies (AI-SDLLS) do Vietnamese EFL students use?
RQ2. What are gender differences in using AI-SDLLS in self-directed language learning?
To answer these questions, we adopt a convergent mixed-methods design at a vocational college in Ho Chi Minh City, pairing a questionnaire (N = 52) with semi-structured interviews (n = 16). Vocational-college learners merit particular attention here: relative to the four-year university students who dominate the Vietnamese evidence base, they more often combine study with paid work, enter with more uneven English proficiency, and depend on more variable digital access, conditions that plausibly shape both how readily they turn to AI and which strategies they can sustain. The study offers a localized portrait of AI-mediated SDL in a Vietnamese setting rarely visible in the international literature, alongside practical guidance for teachers, teacher educators, and policy actors readying students for English as a second language.
2. Literature Review
2.1. Self-Directed Learning and Language Learning Strategies
Self-directed learning is most often traced to Knowles (1975). He cast it as a process in which adults “take the initiative…in diagnosing their learning needs, formulating goals, identifying human and material resources, choosing and implementing appropriate learning strategies, and evaluating outcomes” (p. 18). Curry et al. (2017) later recast SDL for the language classroom as self-directed language learning (SDLL), foregrounding awareness, management, and autonomy. Pemberton and Cooker (2012) sharpened the picture: SDLL surfaces when “students take the initiative in setting their own goals, developing learning strategies, or employing various learning styles” (p. 203).
Strategic action sits at the core of SDLL. Building on O’Malley and Chamot (1990) and Oxford (1990, 2016), researchers typically sort language learning strategies into four families: cognitive (manipulating the language: translating, summarizing, repetition), metacognitive (planning, monitoring, and evaluating one’s own learning), affective (managing emotions, motivation, and anxiety), and social (interacting and collaborating with others). Hawkins (2018) reworked this taxonomy into cognitive, affective, sociocultural-interactive, and meta-strategies. This study keeps the four-strategy framework. It dominates Vietnamese EFL research and yields categories that hold up across studies.
2.2. AI Tools in Language Learning
AI entered the SDLL toolkit precisely as learners began reaching for support beyond the classroom. Three classes of tools matter most here. Generative AI applications such as ChatGPT and Gemini generate human-like text that learners mine for explanation, paraphrasing, and feedback (Caruccio et al., 2024; Peres et al., 2023). Intelligent personal assistants like Alexa and Siri draw on natural language processing to “tailor the pace, approaches, content, and activities of learning to match the interests and needs of individual language learners” (Chen et al., 2021, p. 205). Then come mobile-assisted language learning (MALL) applications (Duolingo, Busuu, HelloTalk) which fold practice into everyday digital routines (Lai et al., 2022).
Empirical work links these tools to gains across the four skills. Writing benefits from AI support for idea generation, organization, grammar correction, and stylistic feedback (Abdalkader, 2022; Jensen et al., 2024; Zhang et al., 2023). In speaking, chatbots and speech-recognition systems open up low-stakes rehearsal and real-time pronunciation feedback (Rukiati et al., 2023). Listening widens too: AI-mediated platforms such as Netflix and YouTube (subtitles, translation, replay) expand exposure to authentic input (Suryana et al., 2020). For reading, dictionary-style lookups, summaries, and text-to-speech tools feed vocabulary growth and comprehension (Herawati et al., 2022). Yet most reviews caution that AI’s pedagogical value rests less on the tool than on how learners use it (Mohebbi, 2025; Wang et al., 2025). This is where SDLL frameworks become useful.
2.3. AI-SDLL: A Strategic View of Learner Engagement
Framing AI use through this four-strategy lens clarifies what AI-SDLLS denotes: AI does not replace the strategy categories so much as extend each one. Cognitively, learners offload translation, grammar correction, summarizing, and vocabulary practice to AI, which returns immediate, low-cost feedback. Metacognitively, AI can scaffold goal-setting, planning, self-monitoring, and reflection, prompting learners to evaluate their answers or ask how to improve, though these uses demand more deliberate initiative. Affectively, AI offers low-stakes, non-judgmental practice that can ease anxiety and sustain motivation, while also risking over-reliance. Socially, AI serves as an interactional partner or a rehearsal space for human contact, from conversational chatbots to checking one’s language before speaking with others. Read this way, AI-SDLLS are not new strategy types but familiar strategies re-mediated by AI affordances, which makes Oxford’s (2016) taxonomy a productive frame for analyzing them.
Recent studies converge on three findings about AI-mediated SDL. First, learners reach for AI most readily on cognitive tasks (translation, correction, vocabulary lookup), where entry costs little and feedback arrives at once (Annamalai et al., 2023; Jeon, 2022). Second, metacognitive use is harder to cultivate without explicit instruction; left to their own devices, learners deploy AI reactively rather than for planning or monitoring (Wang et al., 2024; White, 2008). Third, affective benefits (lower anxiety, higher motivation) are real, yet ambivalent, shadowed by recurrent risks of over-reliance and shallow engagement (Cotton et al., 2023; Özkan et al., 2024). Social use lags furthest behind. Conversational practice with chatbots stays thinly developed, reflecting both technological limits and learners’ preference for human partners (Rukiati et al., 2023).
2.4. Gender and AI-Mediated Language Learning
Gender has long drawn interest in language learning strategy research. Female learners are sometimes reported as heavier users of metacognitive and social strategies (Alhaysony, 2017; Montero-SaizAja, 2021), though the findings waver across contexts. In AI-mediated studies the evidence thins considerably. Selim (2024) found that female Saudi undergraduates turned to Grammarly and GPT-3 to polish their academic writing more readily than male peers, even if the confidence gains stayed uncertain. Liu and Wang (2024) detected no significant gender difference in critical-thinking gains from AI in EFL literature classes. Reporting greater listening-comprehension difficulty among female learners, Huang (2024) tentatively linked it to less efficient processing strategies. Closer to home, Ngo et al. (2025) found no significant gender differences in overall AI use, yet pressed for finer-grained analysis of strategic patterns.
2.5. AI-SDLL in Vietnamese Higher Education
Vietnamese empirical work on AI-mediated SDL has expanded rapidly since 2023, but it clusters in two areas: students’ perceptions of generative AI for writing tasks (Ho et al., 2024; Vo & Nguyen, 2024) and survey-based explorations of self-efficacy (Ngo et al., 2025). Such work establishes that Vietnamese undergraduates use AI often and regard it favorably. What it rarely does is examine the four-strategy structure typical of Oxford-style research, folding strategy use instead into broad categories. They also draw predominantly on four-year university samples; vocational colleges, which enroll a substantial share of post-secondary learners in Vietnam and differ in proficiency, time pressure, and digital infrastructure, are largely absent from the published record. The strategic profile of vocational EFL learners therefore remains an evidence gap with direct implications for an ESL-oriented system, where learners must self-regulate across longer time horizons and more diverse communicative settings.
2.6. The Present Study
This review exposes three connected gaps. The first is empirical: despite rapid growth in research on AI in Vietnamese EFL, no study has mapped the full four-strategy AI-SDLLS profile (cognitive, metacognitive, affective, and social) that learners enact when they self-direct with AI, as strategy use is typically folded into broad perception categories. The second is contextual: this evidence base draws overwhelmingly on four-year university samples, leaving vocational-college learners, who differ in proficiency, time pressure, and digital access, largely undocumented, even though they form a substantial share of Vietnam’s post-secondary population. The third is methodological: gender and strategy patterns have rarely been examined with converging quantitative and qualitative evidence, so survey-level patterns remain unexplained by accounts of how learners actually use AI. The present study addresses these three gaps together and locates its findings within the conference theme of moving from EFL to ESL practice.

3. Methodology
3.1. Research Design
A convergent mixed-methods design (Creswell & Plano Clark, 2018) was used to address the two research questions. In a convergent design, quantitative and qualitative data are collected concurrently, analyzed separately, and then merged so that each strand can corroborate, explain, or complicate the other. This logic suited the study’s dual aim: the closed-ended questionnaire was needed to establish the group-level frequency and patterning of AI-SDLLS, whereas the semi-structured interviews were needed to show how individual students actually enacted those strategies and reasoned about gender, detail that frequencies alone cannot convey. The two strands were given equal priority and were merged at the interpretation stage, where interview accounts were read against each subscale to judge whether they confirmed the survey pattern (for example, the prominence of cognitive uses), explained it (for example, why social uses lagged), or complicated it. Because the data came from a single institution, the design was intended to yield an in-depth, context-specific account rather than findings generalizable to all Vietnamese EFL undergraduates.
3.2. Research Context
The study was conducted at a vocational institution in Ho Chi Minh City. The college offers programs in English Language, Business Interpretation, Hospitality and Tourism Management, Logistics, and Information Technology. Communicative competence anchors the English Language program; instructors routinely recommend AI tools (Grammarly, QuillBot, ChatGPT, Grok, Copilot, Monica) as out-of-class support, and the college runs occasional workshops on AI use.
3.3. Participants
Participants were recruited through convenience sampling at a single vocational college; all were enrolled EFL students who volunteered to take part. The achieved sample of 52 is modest but adequate for an exploratory, descriptive study of strategy-use patterns; as noted below, however, it affords limited statistical power for detecting small gender differences. Fifty-two undergraduate EFL students, all aged 18 or older, completed the survey. Just over half (51.9%) fell into the 18–19 band; 26.9% were 20–21, and 21.2% were 22 or older. Males made up 53.8% and females 44.2%, with 1.9% identifying as another gender. Year level skewed early: 50.0% second-years, 38.5% first-years, and 11.5% in their third year or beyond. More than a third (38.5%) had studied English for five years or longer.
All respondents owned a personal learning device. ChatGPT was the most-used AI tool (88.5%), followed by Google Translate (59.6%), Duolingo (50.0%), and Grammarly (32.7%). Newer generative AI tools (Gemini, DeepSeek, Character.AI) were used by 3.8% or fewer. Writing was the most-supported skill (50.0% of participants used AI for it “often” or “always”), followed by vocabulary (46.2%), reading (46.1%), listening (40.3%), and speaking (34.6%). For the interview phase, 16 survey respondents were purposively selected from those who volunteered, balancing gender (seven male, nine female) and representing different year levels. Because these participants were volunteers, some volunteer bias, toward students more engaged with AI or more confident in English, cannot be ruled out and is acknowledged as a limitation. These profile characteristics (year level, length of English study, near-universal device ownership, the concentration of use in a few tools, notably ChatGPT, and the skew toward writing and vocabulary support) are not merely descriptive; each plausibly conditions which AI-SDLLS students adopt and is therefore treated as interpretive context for the results rather than as a controlled variable.
3.4. Instruments
3.4.1. Questionnaire
A 43-item questionnaire was developed for this study, organized into five sections: demographics, AI tool usage, and four AI-SDLLS subscales (cognitive: 9 items; metacognitive: 7 items; affective: 6 items; social: 7 items), each rated on a 5-point Likert scale (1 = Never, 5 = Always). The subscales were constructed by taking Oxford’s (2016) four strategy families and Knowles’ (1975) SDL principles as the conceptual scaffold and writing items that re-expressed each strategy as a concrete AI-mediated behavior. Cognitive items captured using AI for translation, grammar checking, summarizing, and vocabulary practice; metacognitive items captured AI-supported goal-setting, planning, monitoring, and reflection; affective items captured using AI to manage motivation, enjoyment, and anxiety; and social items captured using AI to prepare for or mediate interaction with others. Items were newly written for this study, with wording informed by behaviors reported in prior AI-in-EFL research rather than adopted from a single validated scale, as no existing instrument operationalized AI-SDLLS across all four families.
Content validity was established through expert review: two EFL instructors independently judged whether each item belonged to its intended strategy family and was clearly worded, and items were revised accordingly. The instrument was then pilot-tested with three students to confirm clarity. Internal consistency was strong across all four subscales (see Table 1). Construct validity was not formally tested through factor analysis, because the sample was too small to support a stable factor solution; this is acknowledged as a limitation of instrument validation.
Table 1
Internal Consistency of the AI-SDLLS Subscales
	Subscale
	k
	Cronbach’s α

	Cognitive
	9
	.85

	Metacognitive
	7
	.84

	Affective
	6
	.84

	Social
	7
	.85


Note. k = number of items; N = 52.

3.4.2. Semi-structured Interview
A 20-question protocol covered (a) introduction, (b) AI tool usage, and (c) AI-SDLLS practice across the four strategy families. Two sources shaped the protocol: Benson’s (2011) autonomy framework and recent empirical work on AI in EFL contexts (Annamalai et al., 2023). Optional follow-up prompts nudged participants toward concrete examples. Before administration, two students piloted the protocol and two further instructors reviewed it. The full interview protocol appears in Appendix A.
3.5. Data Collection and Analysis
Collection ran two weeks through Google Forms. Survey respondents completed the instrument at their own pace; interview participants, having signed a consent statement, received the form and replied asynchronously in writing. This format ruled out real-time probing but permitted thoughtful and reflective responses.
Quantitative data were analyzed in IBM SPSS Statistics 31. Descriptive statistics (M, SD) were computed per item and per subscale. Internal consistency was tested with Cronbach’s α. Independent-samples t-tests compared male and female participants on the four subscale means (the one participant identifying as another gender was excluded from this comparison, leaving n = 51). Levene’s test indicated equal variances for all four subscales, so equal-variance results are reported, and Cohen’s d indexed effect size. Given the modest sample, these tests had limited power to detect small effects, so non-significant results are read as consistent with either genuine similarity or insufficient power, not as evidence of no difference.
Qualitative data were analyzed using Braun and Clarke’s (2006) six-phase thematic analysis: familiarization, initial coding, theme generation, theme review, definition, and reporting. Codes were generated both inductively and deductively, organized around the four-strategy framework. Trustworthiness was supported through peer debriefing, an audit trail, and triangulation with the quantitative findings. Formal member checking was not undertaken; because interviews were administered in writing through Google Forms, participants’ original responses were retained verbatim and consulted directly during analysis, and excerpts are reported with minimal editing to preserve participants’ wording. In peer debriefing, research-team members independently reviewed a subset of coded responses and discussed discrepancies until the coding scheme and theme definitions were agreed, which sharpened several category boundaries (for example, separating metacognitive monitoring from cognitive checking). Themes were merged with the quantitative results during interpretation. Participants are identified anonymously as S1–S16. 

 						 4. Results
4.1. AI-SDLLS Use Across the Four Strategy Families
Across the sample, students reported using AI-SDLLS at moderate levels overall. Cognitive strategies (M = 3.38, SD = .80) were the most frequently used. Metacognitive (M = 3.09, SD = .85) and affective strategies (M = 3.09, SD = .89) followed at very similar levels, and social strategies (M = 3.02, SD = .89) ranked lowest. The clearest feature of these data is the gap between cognitive use and the other three families; the differences among metacognitive, affective, and social use, by contrast, are small (no greater than 0.07 on the 5-point scale). Because no inferential test was conducted across the four subscale means, this ordering is reported as a descriptive tendency rather than a statistically established hierarchy (see Table 2).
Table 2
EFL Students’ Use of AI-SDLLS
	No.
	Components
	N = 52

	
	
	M
	SD

	1
	Cognitive
	3.38
	.80

	2
	Metacognitive
	3.09
	.85

	3
	Affective
	3.09
	.89

	4
	Social
	3.02
	.89

	
	Average
	3.15
	.86


*Note. Scale: 1 = Never, 5 = Always.

4.2. Cognitive Strategies
Within the cognitive subscale (Table 3), translating between English and Vietnamese (Cog2: M = 3.75, SD = 1.12) and grammar checking (Cog8: M = 3.75, SD = 1.20) were the most frequent uses. Vocabulary practice (Cog1: M = 3.58, SD = 1.09) and exploring alternative expressions (Cog6: M = 3.58, SD = 1.05) were also common. Less frequent were sentence-construction practice with new words (Cog5: M = 3.00, SD = 1.25) and pronunciation practice via text-to-speech (Cog7: M = 2.83, SD = 1.32).

Table 3
EFL Students’ Use of Cognitive Strategies
	No.
	Items
	N = 52

	
	
	M
	SD

	Cog1
	I use AI to practice new vocabulary.
	3.58
	1.09

	Cog2
	I use AI to translate between English and Vietnamese.
	3.75
	1.12

	Cog3
	I use AI to summarize English texts to understand better.
	3.39
	1.16

	Cog4
	I use AI to make practice questions for myself.
	3.19
	1.14

	Cog5
	I use AI to make sentences with new vocabulary items.
	3.00
	1.25

	Cog6
	I use AI to know different ways to express my ideas.
	3.58
	1.05

	Cog7
	I listen to AI text-to-speech to listen to and copy correct pronunciation.
	2.83
	1.32

	Cog8
	I use AI to check my grammar when I write.
	3.75
	1.20

	Cog9
	I use AI tools to compare my writing with better examples.
	3.35
	1.20



Interview accounts supported the quantitative pattern. S1 explained, “To be honest, I am really bad at writing and grammar, so I often use AI tools to practice them.” S3 added, “I often use AI tools to practice reading. It helps me read faster, understand new words, and check whether I did it right or wrong.” These accounts illustrate why cognitive support emerged as AI’s most prominent role for participants: it addressed perceived weaknesses with immediate, low-effort feedback.
4.3. Metacognitive Strategies
For metacognitive strategies (Table 4), one item alone crossed the “often” threshold: evaluating answers after exercises (MetaCog6: M = 3.46, SD = 1.15). Reviewing mistakes to learn from them followed it narrowly (MetaCog3: M = 3.44, SD = 1.13). Long-term planning fared worse. Arranging a learning schedule through AI (MetaCog2: M = 2.77, SD = 1.23) and soliciting AI suggestions for further improvement (MetaCog7: M = 2.79, SD = 1.19) drew the lowest ratings.

Table 4
EFL Students’ Use of Metacognitive Strategies
	No.
	Items
	N = 52

	
	
	M
	SD

	MetaCog1
	I use AI to set learning goals.
	2.92
	1.27

	MetaCog2
	I plan my study by asking AI to make a study schedule for me.
	2.77
	1.23

	MetaCog3
	I use AI tools to review my mistakes and learn from them.
	3.44
	1.13

	MetaCog4
	I use AI tools to choose exercises that match my level.
	3.15
	1.27

	MetaCog5
	I ask AI for feedback on my speaking or writing.
	3.12
	1.15

	MetaCog6
	I use AI to evaluate my answers after finishing exercises.
	3.46
	1.15

	MetaCog7
	I reflect on my study by asking AI, “How can I do better next time?”
	2.79
	1.19



The interviews exposed the same lopsidedness. S2 used AI mainly to diagnose weaknesses: “I’ll ask for a sample test and AI will check it and explain what my problems are and what I need to improve.” A minority did set goals or monitor progress with AI. S10 reported, “I set [a goal] to reach 70+ at PTE in 6 months, and like a coach every day I [log] the day I learn,” and S9 explained, “When I write a paragraph, I ask ChatGPT to give me feedback and show my mistakes. It tells me what parts are weak, like grammar or vocabulary.” Yet sustained planning remained the exception; as one student admitted, “I make plans for using AI, but I cannot always follow them.” Diagnosis and on-the-spot evaluation came easily; disciplined, forward-looking planning did not.
4.4. Affective Strategies
Affective strategy use (Table 5) was moderate. Three uses clustered closely: AI sustained motivation through immediate feedback (Affect4: M = 3.27, SD = 1.14), made learning enjoyable via gamified applications (Affect3: M = 3.17, SD = 1.26), and offered encouragement through achievements and rewards (Affect5: M = 3.17, SD = 1.09). Reducing the fear of mistakes rated slightly higher (Affect6: M = 3.33, SD = 1.13). Rarest of all was building speaking confidence through chatbot interaction (Affect1: M = 2.67, SD = 1.28).

Table 5
EFL Students’ Use of Affective Strategies
	No.
	Items
	N = 52

	
	
	M
	SD

	Affect1
	I talk with AI chatbots to build confidence in speaking.
	2.67
	1.28

	Affect2
	I use AI tools to reduce stress before tests.
	2.94
	1.26

	Affect3
	I use AI games or apps to make learning fun.
	3.17
	1.26

	Affect4
	I use AI tools to stay motivated by seeing quick results.
	3.27
	1.14

	Affect5
	Learning with AI helps me stay motivated with rewards for reaching milestones.
	3.17
	1.09

	Affect6
	Learning with AI helps me feel less afraid of making mistakes.
	3.33
	1.13



Interview responses split along the same lines. For some, AI relieved anxiety: S13 valued that “it’s just an AI, not a real human, so I’m not afraid to be judged if I have a mistake,” and S12 said, “I feel relaxed and motivated because it helps me with everything, from checking mistakes to giving me new exercises.” Others were cooler or warier. S10 reported feeling “nothing... [I treat] it as just a tool, nothing more, nothing less,” while S2 felt, “Sometimes I feel really bored because myself depend on AI.” Such ambivalence hints that AI can ease anxiety yet, overused, may dull intrinsic interest.
4.5. Social Strategies
Social strategies (Table 6) were the least frequently used. Students did use AI to generate ideas for group activities (Social4: M = 3.48, SD = 1.02), to check English before social interaction (Social5: M = 3.40, SD = 1.16), and to clarify peers’ or teachers’ English (Social7: M = 3.12, SD = 1.34). However, treating AI as a speaking partner (Social1: M = 2.54, SD = 1.31) and practicing virtual conversations (Social3: M = 2.60, SD = 1.23) were rare.

Table 6
EFL Students’ Use of Social Strategies
	No.
	Items
	N = 52

	
	
	M
	SD

	Social1
	I use AI as a speaking partner.
	2.54
	1.31

	Social2
	I share AI-generated ideas with my friends to start conversations.
	2.87
	1.31

	Social3
	I use AI tools as virtual friends to practice real-life conversation.
	2.60
	1.23

	Social4
	I use AI tools for ideas to complete group activities.
	3.48
	1.02

	Social5
	I use AI to check my English before talking with others.
	3.40
	1.16

	Social6
	I ask AI to suggest topics to discuss with other people.
	3.17
	1.18

	Social7
	I use AI to help me understand classmates’ or teachers’ English.
	3.12
	1.34



The interviews echoed the numbers. Where students used AI socially, it was mostly to prepare for human interaction: S13 explained, “I often use AI to prepare for discussing with my classmates or answering questions from teachers; I ask AI for the main points, then I widen ideas from them.” A few embraced it as a conversational partner. S14 said, “When it comes to speaking, I tell ChatGPT to make a conversation for me and we talk like friends,” and S8 noted, “I think we can talk to AI anytime, anywhere.” Even so, most ultimately favored peers and teachers for genuine social practice; as S3 put it, “a good partner for speaking practice is a classmate, because real people will be better than AI.”
4.6. Gender Differences in AI-SDLLS
Independent-samples t-tests revealed no statistically significant gender differences on any of the four subscales (Table 7). Levene’s test indicated equal variances throughout, so equal-variance results are reported, t(49). Mean differences were small, no larger than about 0.15 on the 5-point scale, and effect sizes were negligible to small (d = -.18 to .13). Female participants edged ahead on cognitive (M = 3.44 vs. 3.30) and affective (M = 3.16 vs. 3.01) use, and male participants on metacognitive use (M = 3.13 vs. 3.01), while social-strategy use barely differed (M = 3.05 vs. 3.00). These null results should be read with caution: at this sample size the t-tests had limited power to detect small effects, so the absence of significant differences is consistent with either genuine similarity or insufficient power. The interviews likewise surfaced no marked gendered patterns, with male and female participants alike emphasizing cognitive uses; however, because the interviews were not designed primarily to elicit gendered accounts, this convergence is treated as broadly consistent with the survey rather than as independent confirmation of no gender difference.

Table 7
Differences in EFL Students’ Use of AI-SDLLS by Gender
	Subscale
	Male M (SD)
	Female M (SD)
	t (df)
	p
	d

	Cognitive
	3.30 (0.85)
	3.44 (0.75)
	-0.63(49)
	.53
	-0.18

	Metacognitive
	3.13 (0.93)
	3.01 (0.76)
	0.48(49)
	.64
	0.13

	Affective
	3.01 (1.02)
	3.16 (0.72)
	-0.61(49)
	.55
	-0.17

	Social
	3.00 (0.98)
	3.05 (0.81)
	-0.20(49)
	.85
	-0.05


Note. N = 51 (male = 28, female = 23); the one participant identifying as another gender was excluded from this comparison. Equal variances assumed (Levene’s p > .05 for all subscales). d = Cohen’s d.


5. Discussion 
This study set out to map how Vietnamese EFL undergraduates draw on AI-SDLLS, and whether gender shapes that use. Three patterns stand out, each worth reading against Vietnam’s broader move toward ESL.
5.1. A Strategy Hierarchy Anchored in Cognitive Use
Cognitive strategies dominated. This replicates earlier findings that learners first exploit AI for concrete, surface-level scaffolding like grammar correction, translation, idea generation (Annamalai et al., 2023; Jensen et al., 2024). For Oxford (2016), such strategies form the most accessible entry point into strategic learning, a reading that fits our participants’ A2–B1 proficiency. Yet an ESL-oriented system carries a particular risk: learners stall at this cognitive layer. AI becomes a pair of “task hands” rather than a partner in extended, autonomous learning.
5.2. Underdeveloped Metacognitive and Affective Use
Metacognitive use was uneven. Students turned to AI to evaluate and review finished work, yet rarely to plan ahead or set long-term goals. White (2008) and Lai et al. (2022) noted the same: metacognitive growth seldom happens without explicit support. Vietnam’s traditional teacher-centered classroom may sharpen the problem. Where instruction prizes accuracy and teacher direction over self-regulation, students reach AI-mediated SDL with few planning habits in place (Ngo et al., 2025).
Affective use proved equally ambivalent. For some students, AI worked as a non-judgmental partner that took the edge off anxiety (Lai et al., 2022). Others described boredom and dependence, an echo of Cotton et al. (2023) and Amaro et al. (2023) on shallow engagement and over-reliance. Juggling jobs alongside coursework, with little time for deliberate practice, the vocational students here look especially prone to passive dependence on AI.
5.3. The Social Gap
Social strategies lagged furthest behind. Few students used AI as a conversational partner, and many called the chatbot exchanges “robotic,” squaring with Rukiati et al. (2023) on how poorly chatbots reproduce human affective nuance. Two contextual factors likely contribute. Free-tier tools seldom offer high-quality voice interaction, leaving cost-conscious learners with text alone. Low oral proficiency, in turn, makes sustained AI dialogue hard to keep going. Where authentic spoken interaction sits at the center of an ESL-oriented system, this gap is the most pedagogically urgent.
5.4. Gender: Small and Context-Dependent
No statistically significant gender differences emerged. This contrasts with earlier strategy research (e.g., Alhaysony, 2017), though it aligns with more recent Vietnamese work (Ngo et al., 2025). Two cautions frame this null result. First, the modest sample gave the t-tests limited power to detect small effects, so the finding is best read as an absence of evidence for sizable gender differences rather than evidence of their absence. Second, the interviews were not designed primarily to elicit gendered accounts, and they too surfaced no marked pattern. Taken together, these results suggest that in a relatively homogeneous vocational sample, gender is a weaker predictor of AI-SDLLS than factors such as proficiency, digital literacy, time pressure, and access to tools, variables that plausibly shape strategy use more directly and that cut across gender. This does not render gender irrelevant, since small directional differences could matter at scale; rather, it implies that AI-strategy instruction should be designed for all students while attending to the conditions that more clearly differentiate them.
5.5. Implications for the EFL-to-ESL Transition
Read together, these patterns of AI use, heavily weighted toward task-level cognitive support and lighter on planning, self-regulation, and interaction, are consistent with, though not direct proof of, a broadly task-oriented use of AI rather than the autonomous, communicative use implied by an ESL orientation. It bears emphasizing that the study measured how students use AI strategically, not their broader stance toward English or their identity as EFL or ESL learners; the link to the EFL-to-ESL transition is therefore interpretive rather than demonstrated. With that caveat, the findings suggest that supporting an ESL-oriented shift will require deliberate scaffolding of metacognitive and social strategies, not merely access to more powerful tools.
5.6. Pedagogical Moves for Teachers and Programs
Three concrete moves emerge from the findings. The first is targeted strategy instruction. Because cognitive use of AI is already established, classroom time can be devoted to the layers that are underdeveloped: planning, monitoring, and reflective evaluation of AI feedback. Brief in-class routines (i.e. setting a weekly AI-use goal, logging the prompts that worked, comparing AI suggestions with peer feedback) convert AI from a hidden out-of-class crutch into a visible object of metacognitive learning. These routines align with the autonomy framework of Benson (2011) and with recent work on AI-supported self-regulation (Mohebbi, 2025).
The second is the deliberate design of social practice. Where chatbot conversations feel robotic to learners, teachers can scaffold hybrid activities: peer dialogues informed by AI preparation, role-plays that mix human and AI interlocutors, and small-group reviews of AI-generated transcripts. Such activities preserve the human relational dimension that learners value while extracting the linguistic affordances of AI. They are also well aligned with strand 6 of the conference theme, which positions technology and AI as supports for ESL development rather than as ends in themselves.
The third is teacher preparation. Because students already access AI for cognitive support, teacher development should target not basic access but higher-order use: designing reflective prompts, evaluating the accuracy and usefulness of AI feedback, comparing AI output with peer and teacher feedback, using AI ethically, and recognizing and countering overreliance. Pre-service and in-service teachers need experiential training that equips them to model this kind of AI literacy rather than merely police AI use; teacher-education programs can fold in brief modules on prompt design, ethical evaluation of AI outputs, and strategy-explicit assignment design (Eldin, 2024). Skip this preparation, and the gap between policy aspirations for ESL competence and classroom realities will only widen.
These moves must be set against a backdrop of unequal access. Although every student in this sample owned a learning device, free-tier tools, premium features such as advanced voice interaction, and, critically for working vocational students, stable time to practice are not evenly distributed. Equitable AI integration therefore means more than supplying tools; it means attending to which learners can realistically reach the higher-quality, interactive features that an ESL-oriented use of AI depends on.
6. Conclusion
This mixed-methods study examined how Vietnamese EFL undergraduates at a vocational college in Ho Chi Minh City use AI-driven self-directed language learning strategies, and whether that use varies by gender. A consistent hierarchy emerged: cognitive strategies dominate, metacognitive and affective strategies see moderate use, and social strategies remain underdeveloped. Independent-samples t-tests turned up no significant gender differences across the four subscales.
Three pedagogical implications follow. First, classroom programs should treat AI literacy as an explicit learning objective, set beside language skills. Students need guided practice in moving past surface-level correction toward planning, monitoring, and critically weighing AI feedback, the very activities at the heart of self-regulated learning. Second, teachers need professional development that frames AI as a pedagogical resource rather than a competitor or threat; absent such support, principled classroom integration stays out of reach. Third, equity deserves explicit attention. Language proficiency, time pressure, and uneven access to premium tools shape who benefits most from AI, and the stakes run highest in vocational and under-resourced settings. Unless these conditions are addressed, Vietnam’s move toward English as a second language risks becoming stratified by digital access rather than inclusive.
Several limitations warrant acknowledgment. Modest in size and drawn through convenience and voluntary sampling from a single vocational college, the sample constrains generalizability to other Vietnamese institutional contexts, and its size gave the gender comparison limited statistical power to detect small effects. The data were entirely self-reported, with no direct evidence from AI-interaction logs, learning diaries, or language-performance measures, and the asynchronous interview format limited real-time probing of nuanced responses. Future research could triangulate self-reports with proficiency measures, AI-interaction logs, and longitudinal designs tracking how AI-SDLLS evolve over a program. Comparative work across institutional types (secondary schools, universities, and vocational colleges) would further clarify how contextual factors shape AI-SDLLS adoption as Vietnam continues its transition from EFL to ESL practice.
Three directions for future research deserve specific attention. The first calls for intervention studies, testing whether short, targeted instruction in metacognitive and social AI strategies measurably shifts the strategy profile reported here. The second requires larger, stratified samples to see whether the small directional gender differences here hold up as statistically reliable in more powered designs. The third points to qualitative work tracking individual learners across a semester, complementing cross-sectional findings by showing how AI-SDLLS evolve in response to course demands, assessment formats, and teacher intervention.
Despite these limitations, the study contributes a localized portrait of AI-mediated SDL in a context rarely visible in the international literature. It speaks directly to the HUFLIT INTESOL 2026 theme, showing what the EFL-to-ESL transition looks like at the level of individual learners working with AI tools, and what teacher educators, curriculum designers, and policy actors can do to support it.
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Appendix A
Semi-Structured Interview Protocol
Part 1. Background. 1. Can you tell me a little about yourself, your name and what you study at Saigon College? (Why did you choose to study English?) 2. Do you enjoy learning English? Why or why not? (What part of English learning do you like best, e.g., speaking, writing?)
Part 2. AI Tool Use. 3. Which AI tools (e.g., Duolingo, ChatGPT, Grammarly, QuillBot, ELSA) do you use for learning English? (Why these? Are there others you tried but did not like?) 4. How often do you use AI tools for English learning, and when (e.g., at home, after class)? (Can you give an example?) 5. What English skills do you practice with AI tools (e.g., listening, speaking, reading, writing)? (Which skill the most? Why?)
Part 3. Cognitive Strategies. 6. Do you use AI tools to learn new words or grammar? How? 7. Can you give an example of when AI helped you understand a text or a difficult sentence? 8. How do you use AI tools to practice writing or speaking better? 9. Have you ever used AI to make practice exercises for yourself? What kind?
Part 4. Metacognitive Strategies. 10. Do you use AI to plan your study (e.g., daily goals, schedules)? Can you describe how? 11. How do you use AI to check your progress or find out your weaknesses? 12. Do you ever ask AI for advice about how to improve your English? What answers did it give? 13. How do you use AI to look back at your mistakes and learn from them?
Part 5. Affective Strategies. 14. How do you feel when using AI tools to learn English (happy, relaxed, stressed, motivated)? 15. Do you feel more confident when you use AI to practice speaking or writing? Why or why not? 16. Do you use AI tools for fun learning (games, songs, videos)? Which ones?
Part 6. Social Strategies. 17. Have you ever used AI to practice conversations in English? What was it like? 18. Do you use AI to prepare for talking with classmates or teachers? How? 19. Have you ever used AI to help you in group work or discussions? Can you share an example? 20. Do you think AI can be a good partner for speaking practice? Why or why not?
