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Abstract  
The growing integration of artificial intelligence (AI) in English language education has generated increasing interest in its perceived relationship to classroom interaction. This study presents an exploratory, self-report investigation of student perceptions of AI-assisted learning and its perceived association with teacher–student interaction in English as a Foreign Language (EFL) speaking classes among non-English major university students at HCMC University of Technology. Data were collected from 200 students through Likert-scale questionnaires and reflective journals. The results indicate that students perceived AI tools as associated with increased confidence, greater reported enjoyment of speaking tasks, and more prepared engagement with teachers in specific interactional contexts. Specifically, 64% of students reported feeling more confident after AI-assisted speaking tasks, and 61% expressed that learning through AI felt enjoyable; however, only 47% reported feeling willing to share ideas in class, illustrating a preparedness–participation gap between internal readiness and observable engagement. Notably, challenges such as over-reliance on AI (42% of students) and reduced spontaneity (38%) were also prominent findings and receive equal weight in this analysis. Although most participants expressed positive attitudes toward AI use in speaking classes, its perceived association with interactional quality appears contingent on thoughtful pedagogical integration and appropriate instructional design. All findings are strictly perceptual and associational; no causal claims regarding AI’s effects on teacher–student interaction are made. The findings highlight the importance of balancing technological support with active teacher guidance to sustain meaningful classroom interaction.
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1. Introduction
The rapid advancement of artificial intelligence (AI) technologies has profoundly reshaped English as a Foreign Language (EFL) teaching. From intelligent grammar checkers and pronunciation coaches to conversational chatbots and adaptive learning platforms, AI tools are increasingly embedded in language learning environments worldwide. In Vietnam, where English proficiency is a national educational priority, the integration of AI into higher education classrooms has accelerated considerably, particularly following the COVID-19 pandemic, which forced widespread adoption of digital learning tools (Pham & Ho, 2020).
Despite this proliferation, a critical question remains underexplored: to what extent do AI-assisted tools genuinely enhance teacher–student interaction in EFL speaking classes, particularly among non-English major students? Speaking is widely regarded as the most challenging language skill, requiring spontaneity, fluency, accuracy, and confidence—qualities difficult to nurture in large, exam-focused Vietnamese university classrooms (Nguyen et al., 2021). Non-English major students, who study English as a compulsory subject rather than a specialized field, often exhibit lower motivation and higher anxiety toward speaking tasks compared to English-major peers (Tran, 2020).
Teacher–student interaction is a cornerstone of effective speaking instruction. Sociocultural theory posits that learning is fundamentally a social process, mediated through interaction and dialogue (Lantolf et al., 2015). When AI tools enter this interaction space, they create new communicative dynamics: students may practice speaking with AI before engaging with teachers; teachers may use AI-generated feedback to redirect classroom discussions; and the feedback loop between teacher, student, and language may be fundamentally altered. Understanding how students perceive these shifts, and what those perceptions suggest for pedagogical practice, is the central motivation of this study.
This paper reports findings from an exploratory study conducted at HCMC University of Technology (HCMUT), involving 200 non-English major undergraduate students enrolled in required EFL speaking courses. Using a mixed-methods design combining Likert-scale questionnaires and reflective journals, the study is guided by three research questions presented in the following subsection.
1.1 Research Questions
The study is organized around three research questions that collectively address AI's perceived influence on teacher–student interaction:
RQ1: How do non-English major university students perceive AI-assisted learning as associated with their readiness and willingness to engage in teacher–student interaction in EFL speaking classes?
RQ2: What interactional challenges do non-English major students report perceiving in AI-assisted EFL speaking activities, and how do they perceive these challenges as affecting their engagement in teacher–student interaction?
RQ3: Under what self-reported pedagogical conditions do students perceive AI-assisted learning as most supportive of their engagement in teacher–student interaction in EFL speaking classes?
1.2 Organization of the Paper
To situate this inquiry within the broader field, Section 2 reviews key theoretical and empirical work on teacher–student interaction in EFL contexts, the role of AI in language learning, and the intersection of these two areas. Section 3 describes the research methodology, followed by the results in Section 4, discussion in Section 5, and conclusions in Section 6.
2. Literature Review
2.1 Teacher-Student Interaction in EFL Contexts
Teacher–student interaction has long been recognized as a central mechanism through which language acquisition occurs. Interaction hypothesis theory (Long, 2015) proposes that negotiation of meaning between interlocutors drives second language development by making input comprehensible and pushing learners toward more accurate output. In EFL speaking classrooms, this negotiation typically unfolds through question-and-answer exchanges, corrective feedback, recasts, and collaborative tasks (Walsh, 2011).
However, large class sizes, time constraints, and student anxiety frequently impede interaction in Vietnamese university EFL contexts. Research consistently documents teacher-dominated discourse in such settings, where students speak minimally and rely on rehearsed formulaic utterances (Nguyen et al., 2021; Tran, 2020). Interventions that redistribute interactional opportunities, which encourage students to take more turns, elaborate more fully, and respond more spontaneously, are therefore of considerable pedagogical interest.
Against this backdrop of interactional challenges in EFL classrooms, researchers and educators have increasingly turned to AI-powered tools as a potential means of expanding and enriching opportunities for language practice and feedback.
2.2 AI in Language Learning
Artificial intelligence applications in language education encompass a broad spectrum of tools, including natural language processing (NLP)-based feedback systems, speech recognition software, conversational agents, and generative AI models such as ChatGPT (Kohnke et al., 2023; Godwin-Jones, 2022). These tools share a common capacity to provide immediate, individualized feedback—a feature that distinguishes them from traditional classroom-based instruction, where teacher attention is distributed across many learners.
Studies have demonstrated that AI-mediated feedback can reduce speaking anxiety by offering a low-stakes practice environment (Huang et al., 2023). Students reluctant to speak in front of peers may find it easier to experiment with language when interacting with an AI system. Furthermore, AI tools can extend interaction beyond class hours, allowing students to practice pronunciation, vocabulary, and conversational routines independently (Godwin-Jones, 2022). Generative AI tools, particularly large language models, have introduced new possibilities in EFL instruction. ChatGPT and similar tools can generate topic-relevant speaking prompts, simulate conversational partners, provide error analysis, and scaffold content preparation—functionalities that can significantly support speaking task readiness (Kohnke et al., 2023). Nevertheless, concerns about pedagogical dependency, the authenticity of AI-generated content, and equity of access have also been raised (Ulla et al., 2023).
2.3 AI and Teacher–Student Interaction
The intersection of AI and classroom interaction remains a relatively emergent research area. Some studies suggest that AI can serve as an interactional catalyst, meaning students who have prepared with AI tools arrive in class better equipped to participate meaningfully, thereby enriching teacher–student exchanges (Huang et al., 2023). Others caution that AI use may create a paradox: while students interact more with technology, their interaction with teachers may paradoxically diminish as AI becomes the primary feedback provider (Ulla et al., 2023).
This tension underscores the importance of instructional design. When teachers explicitly frame AI tools as preparatory scaffolds rather than replacements for classroom dialogue, positive interactional outcomes are more likely. Conversely, unstructured AI use may result in surface-level language performance that masks deeper communicative deficiencies (Kohnke et al., 2023). Research in Vietnamese EFL contexts is sparse. Pham and Ho (2020) found that students valued digital feedback tools during the pandemic but noted that teacher presence remained essential for motivated participation. No study has systematically explored student perceptions of AI's relationship to teacher–student speaking interaction among non-English major university students in Vietnam—a gap this exploratory study aims to address.
2.4 Conceptual Framework: The Preparedness–Participation Gap
Recent scholarship on AI in language education presents an emerging paradox. On one hand, AI-assisted tools enhance learner confidence, reduce anxiety, and increase readiness to engage in speaking tasks (Huang et al., 2023; Godwin-Jones, 2022). On the other hand, a growing body of research raises concerns that increased interaction with AI may reduce learners' reliance on teacher-mediated feedback and limit spontaneous classroom communication (Ulla et al., 2023; Kohnke et al., 2023).
To better understand this dynamic, the present study proposes a three-dimensional model of interactional readiness with clear operational distinctions between dimensions: (1) cognitive readiness—operationalized as learners’ self-reported ability to generate ideas, organize content, and formulate linguistically appropriate responses prior to speaking tasks, as measured by items related to preparation quality and idea generation; (2) affective readiness—operationalized as learners’ self-reported emotional orientation toward speaking, including confidence, perceived self-efficacy, and enjoyment, as measured by items from the anxiety and AI Attitudes subscales; and (3) interactional engagement—operationalized as learners’ self-reported willingness to take communicative risks in public classroom settings, including willingness to share ideas, speak without extensive preparation, and engage responsively with teacher prompts, as measured by items from the WTC subscale. Unlike the first two dimensions, the third is inherently social and evaluative, shaped by concerns about peer perception, face-saving, and audience awareness that are not reducible to internal preparedness alone.
This framework suggests that AI may influence these dimensions unevenly: while it is likely to enhance cognitive and affective readiness, its impact on actual interactional engagement may be more limited. This potential discrepancy is conceptualized here as the preparedness–participation gap, defined as the divergence between learners’ self-reported internal readiness to communicate and their self-reported willingness to engage in classroom interaction. This concept is related to, but distinct from, the broader willingness to communicate (WTC) construct (MacIntyre et al., 2001) and foreign language anxiety (Horwitz, 2017). WTC captures a learner’s general disposition to initiate communication when given the opportunity; research has further linked WTC to self-regulatory and action control processes that shape whether readiness is converted into actual communicative behavior (MacIntyre & Doucette, 2010). The preparedness–participation gap focuses specifically on the mismatch that arises when AI-mediated preparation raises internal readiness without proportionally increasing the willingness to take interactional risks in public, teacher-evaluated settings. Foreign language anxiety, meanwhile, is primarily an affective variable; the gap concept foregrounds the social and contextual barriers that persist even after affective readiness has improved.
3. Research Methodology
3.1 Research Design
A mixed-methods research design was adopted, combining quantitative Likert-scale questionnaires with qualitative reflective journal entries. This triangulated approach enables convergent validation of findings while capturing both the breadth of student attitudes and the depth of individual experiences. The study was conducted during the second semester of the 2023–2024 academic year at HCMUT.
3.2 Participants
Two hundred (200) undergraduate students participated in this study. All were enrolled in required English communication courses representing non-English major disciplines including Engineering, Computer Science, Business Administration, and Natural Sciences. Ages ranged from 18 to 22 years; approximately 53% identified as male and 47% as female. In terms of English proficiency, students were placed into the course based on institutional placement results aligned to the CEFR framework: approximately 41% were assessed at A2 level, 47% at B1 level, and 12% at B2 level. Proficiency level is reported as a descriptive variable; the sample size and study design do not permit meaningful subgroup comparisons across levels, and proficiency is not included as a covariate in inferential analyses. None had previously received formal instruction on using AI tools for EFL learning, though 78% reported prior informal use of translation applications. The eight-week intervention was implemented across four intact class sections, all taught by the same instructor, who is also the author. Holding postgraduate qualifications in Applied Linguistics, the instructor completed several training courses in AI-assisted teaching prior to the intervention, ensuring standardized guidance on AI tool use, task framing, and journal prompt delivery across all four sections.
3.3 AI Tools Used
Students were introduced to two primary AI tools during the eight-week intervention period: (1) ChatGPT (OpenAI) for speaking topic preparation, idea generation, and self-review of drafted oral responses; and (2) ELSA Speak, an AI-powered pronunciation coaching application, for phoneme-level practice and fluency feedback. Teachers provided structured guidance on using these tools as pre-task preparation aids and post-task self-assessment resources, following principles of scaffolded technology integration (Godwin-Jones, 2022).
3.4 Intervention Procedure
The intervention was implemented over eight consecutive weeks during the regular English communication course. Each weekly session lasted approximately 150 minutes and incorporated AI-assisted preparation activities prior to classroom speaking tasks. Students primarily used ChatGPT to generate ideas, organize responses, and rehearse speaking content, while ELSA Speak was used for pronunciation and fluency practice. Teachers emphasized that AI tools should function as preparatory supports rather than substitutes for classroom performance. AI use did not contribute directly to students' course grades. 

Table 1
Overview of the Eight-Week AI-Assisted Speaking Intervention
	Week
	Speaking Focus
	AI-supported Preparation
	Classroom Speaking Activity
	Teacher Role

	1
	Giving suggestions for improvements
	Brainstorm ideas and organize responses (ChatGPT)
	Pair discussion and presentation
	Introduced AI prompting strategies and provided a speaking outline

	2
	Talking about the inventions of the 20th century
	Search for information, generate key ideas, and organize content (ChatGPT)
	Individual speaking and presentation
	Guided speaking requirements provided feedback

	3
	Describing jobs
	Generate an outline, key vocabulary, and sample expressions (ChatGPT)
	Pair discussion
	Facilitated warm-up and follow-up activities

	4
	Conducting a job interview
	Generate interview questions and model responses (ChatGPT)
	Pair role-play
	Monitored interactions and provided corrective feedback

	5
	Discussing health issues
	Brainstorm ideas and useful vocabulary (ChatGPT)
	Small-group discussion
	Facilitated discussion and encouraged spontaneous responses

	6
	Role-playing a conversation at a doctor’s
	Generate sample dialogues and useful expressions (ChatGPT)
	Pair role-play
	Observed role-plays and provided communicative feedback

	7
	Narrating a folk tale
	Brainstorm ideas and organize the story sequence (ChatGPT)
	Pair storytelling
	Facilitated pre-speaking activities and follow-up discussion

	8
	Describing favorite entertainment activities
	Generate an outline and supporting vocabulary (ChatGPT)
	Individual video-recorded presentation
	Provided individualized feedback on content and language use


*ELSA Speak was used for pronunciation and fluency practice as homework and is therefore not presented in this table. 

Students spent varying amounts of time using AI tools before each classroom speaking activity. The teacher, who is also the author, followed a standardized instructional protocol developed prior to the intervention in all four classes, including identical guidance on AI use, and speaking task procedures. Students were encouraged to evaluate and personalize AI-generated responses rather than memorizing them. AI-assisted preparation served as a learning support and was not assessed separately from normal course participation.
3.5 Data Collection Instruments
3.5.1 Questionnaire
A 9-item, five-point Likert-scale questionnaire (1 = Strongly Disagree to 5 = Strongly Agree) was administered at the end of the intervention period. Items were selectively adapted from three established, validated scales to ensure psychometric soundness and theoretical coherence across the three dimensions of the study.
The first cluster, measuring speaking anxiety, fear of negative evaluation, and communication apprehension, was adapted from the Foreign Language Classroom Anxiety Scale (FLCAS; Horwitz et al., 1986). Items were reworded to reflect the AI-assisted speaking context. The second cluster, capturing willingness to communicate, participation intent, and interactional readiness, was adapted from the WTC scale (MacIntyre et al., 2001). The third cluster, addressing student attitudes toward AI tools, perceived enjoyment, and outcome expectations, was adapted from the GenAIAS (Orhan et al., 2024).
The adapted instrument was piloted with 25 non-English major students to verify item clarity and internal consistency. The final questionnaire demonstrated satisfactory reliability (overall Cronbach's α = .83; anxiety cluster α = .79; WTC cluster α = .81; AI attitude cluster α = .85), all meeting the conventional threshold of α ≥ .70 for exploratory research (Tavakol & Dennick, 2011).
In addition, AI-assisted preparation was measured as an independent construct using three items developed specifically for this study (Cronbach's α = .78; M = 3.72, SD = 0.61), serving as the independent variable in the exploratory path analysis reported in Section 4.2.
3.5.2 Reflective Journals
Qualitative data were collected through structured guided reflective journals administered after each AI-assisted speaking task across the eight-week period, grounded in Boud, Keogh, and Walker's (1985) three-stage model of reflection—returning to experience, attending to feelings, and re-evaluating the experience—as more recently synthesized in Mali's (2025) review of reflective practice in language teaching and learning. Following this three-stage model, three structured prompts were developed: (a) "Describe how you used the AI tool to prepare for today's speaking task"; (b) "How did using the AI tool affect how you felt about speaking in class today?"; and (c) "What would you do differently in your next AI-assisted speaking task, and why?" Students were permitted to write in English or Vietnamese to minimize language barriers. Vietnamese-language entries were translated into English by a bilingual research assistant with a postgraduate qualification in Applied Linguistics prior to thematic coding. Back-translation of a randomly selected 15% subsample confirmed semantic equivalence, with no substantive discrepancies identified.
3.6 Data Analysis
Quantitative data were analyzed using descriptive statistics and inferential analyses in SPSS 26.0, including multiple regression to examine whether AI-related affective factors predict willingness to communicate, and exploratory path analysis (with bootstrapping, 5,000 resamples) to explore whether confidence mediates the association between AI-assisted preparation and participation. An exploratory factor analysis (EFA) using principal axis factoring with varimax rotation was conducted to validate the adapted questionnaire's three-factor structure. Given the cross-sectional design, the exploratory path analysis is strictly exploratory; results are presented as associational patterns only and should not be interpreted causally.
Qualitative journal entries were analyzed using Braun and Clarke's (2021) six-phase thematic analysis in NVivo 12. Two independent coders analyzed a randomly selected 20% subsample, yielding inter-rater reliability of κ = .81, indicating strong agreement (McHugh, 2012). Discrepancies were resolved through discussion.
4. Results
4.1 RQ1: Student Perceptions of AI-Assisted Learning and Perceived Readiness for Teacher–Student Interaction
The findings indicate that students perceived AI-assisted learning as associated with positive shifts in their readiness to engage in classroom interaction, particularly at the level of cognitive and affective preparation. Students reported relatively high levels of enjoyment (61% endorsing Agree or Strongly Agree) and increased confidence after completing AI-assisted speaking tasks (64%). It is important to note, however, that a substantial neutral bloc was present across items: between 31% and 48% of students selected the Neutral response option, indicating that a sizable proportion of participants neither endorsed nor rejected positive associations between AI and their interactional readiness. This neutral bloc is particularly prominent for willingness to share ideas in class (48% Neutral) and expectations about upcoming tasks (40% Neutral), and should temper overly positive readings of the aggregate endorsement percentages. The Positive (%) column in Table 2 reflects only Agree + Strongly Agree responses; neutral and negative responses together account for the remaining proportion.

Table 2
Affective Readiness and Participation Indicators (N = 200)
	Item
	SD (%)
	D (%)
	N (%)
	A (%)
	SA (%)
	Positive (%)

	Feel enjoyable
	1
	3
	35
	44
	17
	61%

	Have high expectations
	1
	5
	37
	42
	15
	57%

	Feel willing to share
	2
	3
	48
	34
	13
	47%

	Have no worry
	4
	10
	35
	34
	17
	51%

	Feel nervous (anxiety indicator)
	2
	16
	42
	25
	15
	40%†

	Feel confident to be seen
	6
	12
	37
	27
	18
	45%

	Feel no shame with mistakes
	3
	7
	39
	34
	17
	51%

	Feel more confident after tasks
	2
	3
	31
	42
	22
	64%

	Expect upcoming tasks positively
	3
	7
	40
	33
	17
	50%


*SD = Strongly Disagree; D = Disagree; N = Neutral; A = Agree; SA = Strongly Agree. Positive (%) = proportion endorsing Agree or Strongly Agree. Percentages are rounded to the nearest whole number and may not sum to 100% due to rounding. † For the negatively worded item “Feel nervous when speaking,” higher agreement reflects elevated anxiety rather than a positive outcome. This item is retained in its original directional form to preserve item authenticity; it is not reverse-coded in the descriptive frequency table. In all inferential analyses (regression, mediation, EFA), this item loads on the Anxiety factor as designed and is treated accordingly. The Positive (%) figure of 40% for this item therefore denotes the proportion of students reporting elevated nervousness, not a favorable outcome.

However, self-reported indicators more directly linked to active classroom participation were comparatively lower. Only 47% of students reported feeling willing to share their ideas in class, and 45% indicated confidence in being seen speaking publicly. These figures should be read alongside the neutral bloc: 48% of students selected Neutral on the willingness-to-share item, and 37% selected Neutral on confidence in being seen speaking, indicating that many students neither endorsed nor rejected participation readiness. Together, these patterns illustrate a perceived gap between positive affective orientation toward AI-assisted preparation and self-reported readiness for live classroom engagement.
The descriptive statistics presented in Table 2 suggest that positive perceptions of AI-assisted learning were stronger for affective readiness than for indicators of public classroom participation. These descriptive patterns were further examined using inferential analyses.
A Pearson correlation analysis revealed a moderate positive association between reported enjoyment and willingness to share in class (r = .42, p < .01), suggesting that positive affect tends to accompany increased participation. Multiple regression analysis further indicated that confidence is a meaningful predictor of WTC, and exploratory path analysis provides support for confidence as a partial mediator of the association between AI-assisted preparation and WTC. Although causal inferences cannot be drawn from the cross-sectional design, these patterns are broadly consistent with the preparedness–participation gap.
Thematic analysis of the reflective journal entries yielded five overarching themes. Table 3 presents these themes together with frequency counts reflecting the number of individual students (out of 200) whose journals contained each theme across at least one entry.


Table 3
Reflective Journal Thematic Analysis: Themes and Frequencies
	Theme
	Number of Students (out of 200)
	% of Students

	Confidence-building
	136
	68%

	Idea generation / content organization
	106
	53%

	Anxiety reduction
	94
	47%

	Improved teacher interaction quality
	58
	29%

	AI dependency concerns
	46
	23%


*Frequency = number of students (out of 200) whose journal entries independently contained each theme across at least one submission round. % of Students = (Frequency / 200) × 100. Note that a single student's journals may contain multiple themes; therefore, percentages do not sum to 100%.

Confidence-building emerged as the dominant theme (68%), reflecting students' repeated accounts of feeling better prepared and less hesitant following AI-assisted preparation. Idea generation was closely related (53%), with many students describing AI as a scaffold for content organization. Anxiety reduction followed (47%), with students noting that AI practice in low-stakes environments helped mitigate fear of public speaking. Improved teacher interaction quality was reported by 29% of students, who observed that their exchanges with teachers became more substantive following AI preparation. Finally, AI dependency concerns emerged as a reflexive theme (23%), with students questioning their reliance on AI-generated content.
4.2 Inferential Analyses of AI-Related Factors and Willingness to Communicate
4.2.1 Multiple Regression Analysis (RQ1)
A multiple regression analysis assessed whether AI-related affective factors, including perceived enjoyment and confidence after AI-assisted preparation, predict students' willingness to communicate (WTC). The overall model was statistically significant, F(2, 197) = 34.25, p < .001, explaining 25.8% of the variance in WTC (R² = .258, Adjusted R² = .250). Confidence emerged as a significant positive predictor (β = .41, p < .001). Enjoyment also reached significance (β = .12, p = .047), though its effect size was considerably smaller than that of confidence.

Table 4
Multiple Regression Predicting Willingness to Communicate
	Predictor
	B
	SE B
	β
	t
	p

	(Constant)
	1.21
	0.28
	—
	4.32
	< .001

	Confidence
	0.47
	0.07
	.41
	6.71
	< .001

	Enjoyment
	0.14
	0.07
	.12
	2.00
	.047


*R² = .258, Adjusted R² = .250, F(2, 197) = 34.25, p < .001. Standardized regression coefficients (β) are reported alongside unstandardized coefficients (B) and their standard errors (SE B).

4.2.2 Exploratory Path Analysis (RQ1)
A exploratory path analysis tested whether confidence mediates the relationship between AI-assisted preparation and WTC. All variables were measured simultaneously in a cross-sectional design; consequently, no temporal precedence can be established among AI-assisted preparation, confidence, and WTC, and the paths described below should be interpreted as associational patterns only. AI-assisted preparation was positively associated with confidence (β = .53, SE = .05, p < .001), and confidence was positively associated with WTC (β = .41, SE = .06, p < .001). The indirect effect of AI-assisted preparation on WTC through confidence was significant based on bootstrapped 95% confidence intervals (β = .22, 95% CI [.14, .31]). The direct effect remained significant after accounting for the mediator (β = .18, SE = .05, p = .001), indicating partial mediation.

Table 5
Exploratory Path Analysis: Indirect Effect of AI-Assisted Preparation on WTC via Confidence
	Path
	β
	SE
	95% CI LL
	95% CI UL
	p

	AI-Assisted Prep → Confidence (a)
	.53
	.05
	.43
	.63
	< .001

	Confidence → WTC (b)
	.41
	.06
	.30
	.52
	< .001

	Direct effect (c′)
	.18
	.05
	.08
	.28
	.001

	Indirect effect (a × b)
	.22
	.04
	.14
	.31
	< .001


*Bootstrapped indirect effects are based on 5,000 resamples. CI = confidence interval; LL = lower limit; UL = upper limit. All results are strictly associational given the cross-sectional design.

4.2.3 Exploratory Factor Analysis (Instrument Validation)
An EFA was conducted to examine the factor structure of the adapted nine-item instrument. An important limitation should be acknowledged: with nine items distributed across three factors, the average of three items per factor falls below the four-to-five items per factor recommended in psychometric literature (Costello & Osborne, 2005); EFA results are therefore treated as preliminary. Data suitability indicators were adequate (KMO = .84; Bartlett's Test: χ²(36) = 412.35, p < .001). Using principal axis factoring with varimax rotation, a three-factor solution emerged corresponding to Anxiety, Willingness to Communicate, and AI Attitudes, explaining 62.7% of the variance. Table 6 presents the factor loadings for all nine items. All items loaded above .55 on their respective factors with minimal cross-loadings (<.30), and factor membership was consistent with the theoretical frameworks from which items were drawn.
Table 6
Exploratory Factor Analysis: Factor Loadings for All Nine Items
	Item
	Factor 1: Anxiety
	Factor 2: 
WTC
	Factor 3: 
AI Attitudes

	Feel nervous when speaking (ANX1)
	.74
	—
	—

	Fear making mistakes publicly (ANX2)
	.69
	—
	—

	Feel no shame with mistakes (ANX3)
	.61
	—
	—

	Willing to share ideas in class (WTC1)
	—
	.76
	—

	Speak without extensive preparation (WTC2)
	—
	.71
	—

	Feel confident to be seen speaking (WTC3)
	—
	.65
	—

	Enjoy using AI tools for EFL (AI1)
	—
	—
	.78

	AI improves my confidence (AI2)
	—
	—
	.73

	High expectations after AI practice (AI3)
	—
	—
	.67


*Loadings < .40 are suppressed and replaced with "—". KMO = .84. Bartlett's Test of Sphericity: χ²(36) = 412.35, p < .001. Total variance explained = 62.7%. ANX = Anxiety items; WTC = Willingness to Communicate items; AI = AI Attitudes items. All items from the nine-item questionnaire are retained; no items were excluded from this analysis.

4.3 RQ2: Perceived Interactional Challenges During AI-Assisted Speaking Activities
Despite the positive trends identified above, several challenges emerged that complicate the relationship between AI use and interactional outcomes. Table 7 summarizes the four primary challenges identified through thematic analysis of reflective journal entries, including the proportion of students who reported each challenge and its link to the EFA-validated constructs.

Table 7
Perceived Challenges Affecting Engagement Quality: Student-Reported Frequencies and Implications
	Challenge
	Students Reporting (%)
	Description
	Perceived Implication for Engagement

	Over-reliance on AI (linked to AI Attitudes factor)
	42%
	Students submitted AI-drafted responses with minimal personal input
	Reduces authentic language production and critical thinking

	Reduced spontaneity (linked to WTC factor)
	38%
	AI preparation led to scripted, less natural oral delivery
	Hinders development of real-time communication skills

	Digital literacy gaps (linked to AI Attitudes factor)
	21%
	Some students struggled with AI interface navigation and prompt formulation
	Creates unequal learning opportunities in the classroom

	Anxiety about AI accuracy (linked to Anxiety factor)
	17%
	Students uncertain whether AI feedback was pedagogically correct
	May undermine trust in self-correction and teacher feedback


*Student reporting percentages are derived from thematic analysis of reflective journal entries (N = 200). Percentages reflect the proportion of students who referenced each challenge in at least one journal entry. Factor linkages are based on the EFA structure reported in Table 6.

The most prominent issue was over-reliance on AI-generated content (42%), with students using AI outputs with minimal modification, leading to responses that were linguistically accurate but less personalized and spontaneous. As one student stated, "Sometimes I just copy the answer from AI and try to remember it. When the teacher asks a different question, I don't know how to respond." Closely related was reduced spontaneity (38%), whereby students who relied heavily on AI-prepared scripts expressed discomfort when required to deviate from their responses during live interaction.
Digital literacy gaps affected approximately 21% of participants, who reported difficulty formulating effective AI prompts. As one noted, "I don't know how to ask good questions to ChatGPT, so sometimes the answers are not useful." Finally, 17% of students expressed uncertainty about the pedagogical accuracy of AI feedback, occasionally leading them to disengage from AI-supported preparation.
4.4 RQ3: Self-Reported Pedagogical Conditions Perceived as Supporting Teacher–Student Interaction
Overall, student attitudes toward AI-assisted learning were positive, with a majority indicating willingness to continue using AI tools for English learning. Qualitative findings indicate, however, that positive attitudes were conditional. Table 8 presents the key pedagogical conditions identified through thematic analysis as most likely to support productive teacher–student interaction in AI-assisted contexts.

Table 8
Conditions for Bridging the Preparedness–Participation Gap
	Condition
	Implementation Strategy
	Expected Outcome

	Teacher scaffolding
	Teachers guide AI use with clear task parameters and explicit framing of AI as preparatory tool
	Balanced AI use without over-dependence

	Task authenticity
	Design open-ended speaking tasks requiring personal opinions and real-time elaboration
	Promotes genuine student language production

	Digital literacy training
	Pre-task orientation on AI tools and critical evaluation of AI output
	Reduces inequity in AI access and ability

	Reflective practice
	Post-task learner reflections on AI use and interaction quality
	Deepens metacognitive awareness and language learning


*Conditions and strategies are derived from convergent themes across quantitative survey data and qualitative reflective journal entries.
Three key conditions emerged. First, teacher guidance was critical: students who received clear instructions on using AI tools as supports for preparation rather than substitutes for performance reported more productive experiences. Second, task design mattered: tasks requiring personal opinions, real-time responses, or follow-up elaboration were less easily completed through AI alone and therefore encouraged more authentic participation. Third, learner autonomy was important: some students expressed resistance to compulsory or overly structured AI use, suggesting that flexibility may enhance motivation. As one student observed, "AI helps me think faster and gives me ideas I didn't have before, so I feel more confident when preparing."
5. Discussion
5.1 AI as Preparatory Support: Cognitive and Affective Gains
The present study found that non-English major university students perceived AI-assisted learning as primarily associated with the cognitive and affective dimensions of speaking preparation. Students consistently reported that AI tools, particularly ChatGPT for content preparation and ELSA Speak for pronunciation, enabled them to approach speaking tasks with clearer ideas and greater structural coherence, reducing the self-reported cognitive burden associated with spontaneous language production. These perceptual patterns align with Huang et al. (2023), who documented similar anxiety-reduction effects of AI-mediated practice environments in EFL contexts, and with Godwin-Jones (2022), who highlighted the role of AI in extending interactional opportunities beyond classroom hours. From a sociocultural perspective, the reported gains in preparedness may be understood as consistent with the concept of AI as a mediational tool that expands learners’ perceived capabilities (Lantolf et al., 2015); however, caution is warranted in invoking the Zone of Proximal Development as an explanatory framework here, as this concept requires the presence of a more capable other and developmental scaffolding across time—conditions not fully verifiable in a cross-sectional, self-report study. The ZPD framing is therefore offered as a tentative theoretical lens rather than a confirmed mechanism.
5.2 The Preparedness–Participation Gap
Despite reported gains in preparedness, self-reported willingness to speak publicly remained comparatively lower—a pattern this study conceptualizes as the preparedness–participation gap. While students reported higher confidence after AI-assisted preparation, indicators more directly linked to active classroom participation, such as willingness to share ideas (47%) and confidence in being seen speaking publicly (45%), were substantially lower. This distinction is consistent with Ulla et al. (2023), who cautioned that AI may be associated with reduced learner engagement with teachers even as technology-mediated practice increases; however, given the self-report nature of the present data, no causal claim can be made about AI reducing interaction. The exploratory path analysis provides associational evidence that confidence partially bridges this gap, but the significant direct effect (β = .18) confirms that additional factors, likely social, evaluative, and contextual, also shape participation decisions independently of confidence.
Traditional interactional frameworks such as the interaction hypothesis (Long, 2015) emphasize negotiation of meaning as the driver of second language development. The present findings suggest that learners' access to linguistic resources is a necessary but insufficient condition for such negotiation: the willingness to take interpersonal risks in public, evaluative contexts remains a distinct and underexplored barrier. AI tools, which operate in private, low-stakes environments, appear well-suited to the former but less effective in addressing the latter.

5.3 Challenges and the Evolving Role of the Teacher
The study identified four perceived challenges of notable prominence: over-reliance on AI content (42%), reduced spontaneity (38%), digital literacy gaps (21%), and uncertainty about AI feedback accuracy (17%). Critically, the two most frequently reported challenges, namely over-reliance and reduced spontaneity, affect a substantial proportion of participants and warrant equal analytical weight alongside the positive findings. These challenges suggest that AI-supported preparation carries inherent risks for authentic communicative competence when not counterbalanced by appropriate task design and teacher guidance. Specifically, students who submitted AI-drafted responses with minimal personal input reported difficulty adapting when teacher questions deviated from their prepared material, echoing Kohnke et al.’s (2023) observation that unstructured AI use may mask deeper communicative deficiencies. The reduced spontaneity finding (38%) further indicates that scripted preparation, while reducing anxiety, may also constrain the real-time responsiveness that is central to genuine teacher–student interaction. These patterns are associational only; the cross-sectional, single-group design precludes causal attribution of reduced spontaneity to AI use per se.
Rather than diminishing the importance of teachers, these findings suggest that AI integration reconstitutes instructional responsibilities toward the management of interactional and affective conditions. As AI tools assume a greater role in supporting content preparation, teachers become increasingly central in facilitating real-time meaning negotiation, modeling spontaneous language use, and cultivating the social conditions necessary for risk-taking in public communication. This reframing of teacher roles has direct implications for professional development: EFL instructors in AI-integrated contexts may benefit from targeted training not only in AI tool operation, but in designing post-AI interaction tasks, giving metacognitive feedback on scripted versus authentic communication, and managing the socio-affective dynamics that emerge when students arrive over-prepared but under-confident in live interaction.
5.4 Implications for Pedagogy
The central pedagogical finding of this study is that students perceived AI-assisted preparation as most beneficial when embedded within a structured instructional framework rather than used independently. Students who received clear guidance on using AI tools as preparatory scaffolds reported more substantive and confident engagement with teachers, while those who relied on AI outputs without critical evaluation tended toward scripted delivery and reduced responsiveness in real-time interaction. This pattern is consistent with Kohnke et al. (2023), who argued that pedagogical framing is the key variable determining whether AI functions as a communicative bridge or a communicative barrier, and with Ulla et al. (2023), who identified teacher role clarity as essential in AI-integrated classrooms. The explanation for this pattern likely lies in the distinction between AI as a content provider versus AI as a thinking scaffold: students who were guided to use AI for idea generation and then elaborate independently arrived in class better equipped to deviate from their prepared material. This distinction has direct implications for instructional design. Specifically, the present findings support the following evidence-informed strategies: designing speaking tasks that require personal opinions and real-time elaboration, rendering AI-generated scripts insufficient; providing structured low-stakes practice sessions to build social and evaluative confidence alongside linguistic readiness; offering explicit digital literacy training so that all students can access AI tools effectively and equitably, addressing the participation gap identified among the 21% who reported difficulty with AI interfaces; and framing AI use through reflective journal practice that builds metacognitive awareness of when AI assistance enhances versus constrains authentic communication. These implications extend beyond classroom practice to curriculum design and teacher professional development, where preparation for AI-integrated speaking instruction should be considered a core competency.
6. Conclusion
6.1 Summary of Findings
The findings reveal that students perceived AI-assisted learning as associated with nuanced and uneven shifts in their readiness for teacher–student interaction in EFL speaking classrooms. All findings are self-reported and strictly perceptual; no causal claims about AI’s effects on interaction are made. Students broadly perceived AI as associated with increased enjoyment (61%), improved preparedness, and higher post-task confidence (64%). At the same time, a sizable neutral bloc (31%–48% of students) selected the Neutral response across items, indicating that a substantial proportion of participants neither endorsed nor rejected positive associations. The central contribution of this study lies in identifying a preparedness–participation gap: students reported that AI tools were associated with their ability to generate ideas and rehearse language prior to speaking, yet this perceived preparedness did not translate consistently into self-reported willingness to engage publicly in live classroom interaction. Equally important, the study identified significant perceived challenges: 42% of students reported over-reliance on AI-generated content, and 38% reported reduced spontaneity in oral delivery—findings that qualify the overall positive picture and warrant serious consideration in pedagogical planning. Students continued to report hesitation and anxiety when engaging in live classroom interaction, suggesting that AI is perceived as exerting a more limited influence on the socio-affective dimension of public communication.
Effective teacher–student interaction in EFL contexts cannot be fully supported through technological means alone, as interaction depends not only on linguistic readiness but also on confidence, identity, and social risk-taking. As AI increasingly supports the cognitive aspects of language learning preparation, the teacher’s role appears even more central in shaping the affective and interactional environment of the classroom. Effective AI integration therefore calls for a balanced instructional approach pairing AI-supported preparation with pedagogical strategies that promote real-time communication, reduce fear of public speaking, and foster authentic participation—while remaining attentive to the dependency and spontaneity challenges that AI integration may introduce.
6.2 Contributions of the Study
This research makes three contributions. First, it introduces the concept of the preparedness–participation gap as a framework for understanding the perceived differential impact of AI on internal readiness versus reported engagement in interaction. Second, it provides exploratory mixed-methods evidence from a Vietnamese university context, a setting underrepresented in research on AI in language education, documenting how non-English major students perceive AI-assisted speaking preparation. Third, it highlights the continued centrality of teacher mediation in AI-integrated classrooms, with implications for pedagogy, curriculum design, and teacher professional development.
6.3 Limitations and Future Directions
Several limitations frame the scope of interpretable findings. First, and most fundamentally, the study relied exclusively on self-reported perceptual data. All conclusions pertain to what students believed about their experiences, not to observable changes in speaking behavior or interaction quality. Future research should incorporate behavioral measures such as discourse analysis and turn-taking counts to validate perceptual reports. Second, the absence of a control group or pre-test/post-test design means that no baseline comparison is available; observed patterns may reflect pre-existing dispositions rather than responses to the AI intervention. Third, the single institutional setting at HCMUT and the eight-week timeframe limit generalizability to other Vietnamese university contexts, other EFL systems, or higher-proficiency learners. Fourth, the nine-item questionnaire yields an average of three items per factor, falling below the four-to-five items per factor recommended by Costello and Osborne (2005); the EFA results should therefore be treated as preliminary and require replication with a larger, psychometrically developed instrument. Fifth, the cross-sectional exploratory path analysis cannot establish temporal precedence among AI-assisted preparation, confidence, and WTC; the “mediation” model is associational only. Sixth, the study did not examine proficiency as a moderating variable; it is plausible that the preparedness–participation gap manifests differently across A2, B1, and B2 learners, a question that warrants targeted future investigation. Seventh, social desirability bias may have inflated positive self-reports, given that AI integration was teacher-initiated and journal entries were submitted to the instructor. These limitations collectively frame this study as exploratory and call for methodological triangulation in future work.
Future research should incorporate direct behavioral measures of classroom interaction, including discourse analysis and turn-taking frequency counts; longitudinal designs tracking communicative development over time; experimental or quasi-experimental designs for stronger causal evidence; and investigation of teacher perspectives on AI integration. Additional research is also needed to examine how the preparedness–participation gap varies across proficiency levels, task types, and cultural contexts.
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