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Abstract
The rapid integration of generative AI tools such as ChatGPT and Grammarly is reshaping EFL translation instruction in Vietnamese higher education, yet empirical evidence from specific institutional contexts remains limited. This study investigates HUFLIT English majors' perceptions of AI-supported translation learning through an integrated Technology Acceptance Model (TAM), Technological Pedagogical Content Knowledge (TPACK), and Self-Regulated Learning (SRL) framework. Using a structured questionnaire administered to 219 second- to fourth-year English majors, the study examined perceived benefits and risks of AI, teacher AI integration, and metacognitive engagement during translation tasks. Descriptive statistics revealed high AI adoption rates (92.7%), strong perceived usefulness and ease of use, and widespread self-reported cognitive overreliance. Exploratory factor analysis (KMO = 0.899; four factors explaining 73.53% of variance) identified a four-factor model: AI Learning Engagement, Teacher AI Integration, Cognitive Overreliance, and Perceived Ease of Use. Notably, perceived usefulness and self-regulated learning converged into a single construct, suggesting that HUFLIT students perceive AI as valuable precisely because it scaffolds their metacognitive processes. These findings underscore the critical role of teacher guidance and institutional support in supporting responsible, critically engaged AI use in Vietnamese EFL translation programs.
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1. Introduction
1.1. Background of the Study
The rapid development of artificial intelligence (AI), particularly generative AI tools such as ChatGPT and Grammarly, is reshaping both language education and the translation profession. Professional translators today increasingly function as post-editors who evaluate and refine machine-generated output rather than producing translations entirely from scratch (Ren & Wang, 2025; Briggs, 2018). As a result, translation competence now requires not only linguistic proficiency but also the ability to critically evaluate AI-generated text and use automated support strategically.
In higher education, however, translation teaching does not always keep pace with these professional changes. Many translation programmes still rely on teacher-centred instruction and conventional task designs, with limited systematic integration of AI-supported workflows (Yan et al., 2025; Suastika, 2024). In Vietnamese higher education, this gap is particularly significant: English learners often depend heavily on formal classroom instruction and may have fewer opportunities for authentic English exposure outside class. At HUFLIT, English majors in EFL translation courses are increasingly exposed to AI tools such as ChatGPT and Grammarly, yet how they perceive the benefits, risks, and pedagogical value of such tools has not been sufficiently examined.
To address this, the present study draws on three complementary theoretical frameworks. The Technology Acceptance Model (TAM; Davis, 1989) explains how learners' perceptions of usefulness and ease of use shape their adoption of educational technology. Technological Pedagogical Content Knowledge (TPACK; Mishra & Koehler, 2006) examines how teachers integrate technology with pedagogical and content knowledge in instructional practice. Self-Regulated Learning (SRL; Zimmerman, 2000) highlights learners' metacognitive processes – including planning, monitoring, and reflection, when engaging with learning tools. Together, these frameworks provide a multidimensional lens for understanding AI-supported translation learning.
1.2. Research Problem and Gap
Although AI has become an increasingly prominent topic in English language education, much of the existing research focuses on general ESL or EFL learning rather than the specific demands of translation instruction. Translation learning requires students not only to understand language form but also to compare source and target texts, evaluate semantic accuracy, consider stylistic appropriateness, and justify their translation choices. Findings from broader language-learning studies may therefore not fully capture how students experience AI in translation classrooms.
In addition, empirical evidence from Vietnamese higher education remains limited, particularly regarding how English majors perceive AI-supported translation learning in specific institutional settings. Existing studies also tend to rely on single theoretical lenses – such as technology acceptance or pedagogical integration alone, which are insufficient for capturing the interaction among students' perceptions of AI, teachers' instructional practices, and learners' self-regulated engagement (Manzoor & Jamil, 2025; Saud, 2025). This study addresses these gaps by investigating HUFLIT English majors' perceptions through an integrated TAM–TPACK–SRL framework.
1.3. Research Objectives
This study aims to investigate HUFLIT English majors' perceptions of AI-supported EFL translation learning through an integrated TAM–TPACK–SRL framework. Specifically, the study examines students' perceived benefits and risks of AI use, their perceptions of teacher AI integration in translation classes, and the empirical factor structure underlying these perceptions.
1.4. Research Questions
The study is guided by the following research questions:
1. How do HUFLIT students perceive the benefits and risks of AI-supported translation learning?
2. What empirical factor structure emerges from students' perceptions of AI-supported translation learning?
3. How do students perceive the roles of teacher AI integration and self-regulated engagement when using AI in translation classes?
1.5. Significance of the Study
This study contributes to the literature on AI-supported language learning by providing empirical evidence from a Vietnamese higher education context that has been underexplored in existing research. Theoretically, it examines how an integrated TAM–TPACK–SRL framework applies to translation-specific instruction, and empirically identifies a four-factor perceptual model of AI-supported translation learning. Practically, the findings offer actionable insights for teachers and institutions seeking to design more effective AI-supported translation curricula, promote responsible AI use, and develop context-sensitive policies for English majors in Vietnam.
2. Literature Review
This chapter reviews prior research on the integration of artificial intelligence (AI) into English language education and translation learning, with particular attention to two dimensions central to the present study: pedagogical effectiveness and ethical considerations. In recent years, generative AI tools such as ChatGPT, grammar checkers, and machine translation systems have become increasingly integrated into language learning environments. Understanding how these tools influence students’ learning experiences and perceptions is therefore essential for evaluating their pedagogical potential.
2.1. AI in English Language Education
AI has rapidly become a salient feature of contemporary English language education, shifting traditional teacher-fronted classrooms toward more learner-centered, technology-rich environments. AI tools not only provide on-demand language feedback but also facilitate crucial out-of-class practice and distributed learning (Saud, 2025; Manzoor & Jamil, 2025; Pawestri & Pratolo, 2024). While general EFL learning often uses AI for idea generation or basic grammar correction, translation classrooms involve different cognitive demands.
Figure 1
Analysis of recent literature
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To map the current research landscape, a bibliometric analysis was conducted using VOSviewer. Publication data were retrieved from the Scopus database on [30 June 2026], using the following search query: TITLE-ABS-KEY ( ( “artificial intelligence” OR “ChatGPT” OR “generative AI” OR “machine translation” ) AND ( “language learning” OR “EFL” OR “ESL” OR “English language teaching” OR “foreign language” OR “translation” ) AND ( “perception” OR “attitude” OR “acceptance” OR “student” OR “learner” ) ). The search was restricted to journal articles (DOCTYPE, “ar”) published between 2018 and 2025 (PUBYEAR > 2017 AND PUBYEAR < 2026), written in English, classified under the Social Sciences (SOCI) or Arts and Humanities (ARTS) subject areas, and available in open access. The search returned 426 articles, which were exported and analysed in VOSviewer. A co-occurrence analysis of author keywords was performed using full counting, with a minimum threshold of five occurrences per keyword, resulting in 44 keywords that met this criterion. The resulting network visualisation (Figure 1) reveals the following patterns:
· The network was organised into three major thematic clusters. The first cluster centred on “machine translation”, “post-editing”, “neural machine translation”, and “translator training”, representing the traditional translation-technology strand. The second cluster, organised around “artificial intelligence”, “ChatGPT”, and “generative AI”, reflected the more recent shift toward generative AI tools. The third cluster grouped pedagogical and learner-oriented terms such as “EFL”, “language learning”, “writing”, “feedback”, and “technology acceptance model”.
· The overlay visualisation, which maps keywords by their average publication year, indicated a clear temporal shift. Specifically, earlier research clustered around “machine translation” and “Google Translate”, whereas more recent work has moved toward “generative AI”, “ChatGPT”, and “technology acceptance”.
· Notably, the links between the translation-instruction cluster and learner-perception terms remained relatively weak, suggesting that the application of AI specifically within translation pedagogy, as distinct from general language learning, has not yet been fully explored.
Taken together, this bibliometric evidence supports the integrated TAM–TPACK–SRL framework adopted in the present study and highlights the underexplored intersection of AI and EFL translation instruction, which this study seeks to address.
Students must compare source and target texts, evaluate semantic accuracy, consider stylistic appropriateness, and justify their renderings. Thus, AI in translation learning serves not only as a language improver but also as a cognitive scaffold for text analysis and post-editing, requiring a distinct set of pedagogical and self-regulatory skills.
2.2. Pedagogical Effectiveness of AI-Supported Learning
2.2.1. Language support: grammar, vocabulary, and writing
A substantial body of work has explored AI's potential to enhance core language skills, particularly in grammar, vocabulary, and writing. Pawestri and Pratolo's (2024) review in ADJES highlights that tools such as Grammarly, Quillbot, and ChatGPT can help learners generate ideas, improve lexical choice, and reduce grammatical errors in drafts. Learners tend to perceive AI-based grammar correction tools as helpful for identifying mistakes they might otherwise overlook and for increasing the accuracy and fluency of their written output. In their systematic review, Manzoor and Jamil (2025) report that repeated interaction with AI feedback can be associated with reductions in certain error types, provided that students engage reflectively with the suggestions rather than accepting them mechanically.
In writing, AI-supported tools can serve as both drafting and revision aids. A quasi-experimental study on AI-assisted learning and EFL writing proficiency shows that students who received AI-mediated feedback improved more in overall writing scores than those who relied solely on traditional feedback (Alangari, 2025). AI feedback is often perceived as faster and more immediate than traditional teacher feedback, although teachers may provide more nuanced explanations and contextual guidance (Alangari, 2025). However, both Manzoor and Jamil (2025) and Saud (2025) caution that the pedagogical value of AI feedback depends heavily on how learners interact with it. When students use AI suggestions as prompts for self-explanation, comparison, and revision, the tools can support deeper language awareness; when they accept suggestions passively, AI risks becoming a shortcut rather than a learning opportunity. For translation learners, such feedback may support the development of error awareness and lexical sensitivity when students compare AI-generated suggestions with their own translations.
2.2.2. Self-paced learning and learner autonomy
Beyond discrete language skills, AI has been promoted as a means to foster self-paced learning and learner autonomy. Manzoor and Jamil (2025) describe how AI-integrated systems can adapt task difficulty to learners' performance, provide tailored recommendations, and support flexible practice schedules. Saud (2025) add that conversational agents and chatbots can offer extended opportunities for language use outside the classroom, which is particularly relevant in EFL contexts where authentic interaction is limited. When learners perceive AI tools as controllable, useful, and aligned with their goals, they are more likely to integrate them into their personal learning routines as supplemental tutoring.
At the same time, promoting autonomy through AI is not automatic. The ERIC paper on ethical issues notes that some students become overly dependent on AI for answers and corrections, especially when they are under time pressure or lack confidence in their language ability (Lam et al., 2025). In such cases, AI can reduce opportunities for productive struggle and experimentation, which are important for long-term language development. These findings suggest that teachers need to frame AI use explicitly as a support for learning processes rather than as a shortcut to finished products, for example by asking students to justify why they accept or reject particular AI suggestions. These characteristics align with the concept of self-regulated learning, where learners actively monitor their progress, evaluate feedback, and adjust their learning strategies during task completion (Zimmerman, 2000).
2.2.3. Risks of overreliance and passive learning
An emerging strand of research focuses on potential negative effects of AI-supported learning on learners' cognitive and metacognitive development. The ERIC article emphasizes that overreliance on AI can lead to offloading not only mechanical aspects of writing but also higher-order thinking, such as organizing ideas and evaluating information (Lam et al., 2025). When learners rely on AI-generated text or suggestions without critical evaluation, they may gradually lose confidence in their own linguistic and rhetorical abilities. Manzoor and Jamil (2025) similarly argue that passive acceptance of AI feedback can interfere with the development of metalinguistic awareness, as students focus on surface correctness rather than underlying grammatical or discourse patterns.
These concerns do not negate AI's pedagogical value, but they underscore the need for more nuanced integration. Manzoor and Jamil (2025) recommend that AI tools be embedded in instructional designs that promote reflection, questioning, and comparison between AI output and students' original work. In a similar vein, Compagnoni's (2025) article calls for cultivating critical AI literacy so that learners evaluate AI output rather than accepting it uncritically. For English majors who are likely to become language professionals or educators, developing such critical literacy is especially important.
2.3. Ethical Considerations in AI-Supported Learning
2.3.1. Academic integrity, authorship, and authenticity
Ethical debates around AI in education have largely centered on academic integrity and the boundaries between legitimate support and academic misconduct. In language education, these concerns are particularly salient because AI systems can generate fluent, human-like text on demand. The ERIC paper documents how students and teachers struggle to define when AI-assisted writing becomes plagiarism and how authorship should be understood when AI contributes to idea generation, organization, or phrasing (Lam et al., 2025). Some participants viewed AI use for surface-level editing as acceptable, while considering extensive reliance on AI-generated content without acknowledgment to be unethical. These ethical issues are particularly relevant in translation learning, where students may rely on AI-generated translations or paraphrases during coursework and assessments.
Compagnoni (2025) also points out that institutional policies often lag behind technological developments, resulting in inconsistent expectations about AI use across courses and institutions. Policy ambiguity can create anxiety for learners who wish to use AI responsibly but are unsure where the line is drawn, especially in high-stakes assignments. For English majors, whose coursework typically involves substantial written production and critical engagement with texts, clarity about what constitutes ethical AI use is crucial.
2.3.2. Data privacy, fairness, and transparency
Another cluster of ethical concerns relates to data privacy, fairness, and transparency in AI systems. Many AI tools collect and process user data, including text input and usage patterns, yet learners may not fully understand how their data are stored, who can access them, or how they may be used to further train commercial models. Compagnoni (2025) emphasizes that transparency and accountability are key principles for ethical AI in language pedagogy and argues that teachers and institutions should help students understand both the capabilities and limitations of AI tools they are expected to use.
Fairness and bias also present significant challenges. Because AI systems draw on large training datasets, they can reproduce linguistic and cultural biases, for instance by privileging certain varieties of English or by providing feedback that implicitly enforces narrow norms of correctness. Manzoor and Jamil (2025) note that such biases may undermine learners' sense of legitimacy, particularly in contexts where local varieties of English and multilingual practices are part of everyday communication. In response, both the systematic review and the ethical frontiers article call for more context-sensitive evaluation of AI tools and for pedagogical approaches that encourage learners to question unexpected or problematic AI suggestions rather than accepting them uncritically.
2.3.3. Policy responses and contextualized guidelines
In response to these ethical challenges, institutions and professional organizations have begun to articulate principles for responsible AI use in education. Compagnoni (2025) proposes a framework centered on transparency, accountability, and equity, arguing that AI should remain under human control and that learners should be explicitly taught how to use AI ethically, including when and how to disclose AI assistance in academic work. The ERIC article likewise recommends that universities provide clear, discipline-specific guidelines on AI use in coursework, rather than blanket bans or vague statements (Lam et al., 2025).
Saud (2025) observe that policy responses vary widely across ESL/EFL contexts, with some institutions restricting AI use in high-stakes assessments, while others encourage experimentation combined with explicit training and reflection. Both Saud (2025) and Manzoor and Jamil (2025) highlight the importance of grounding such policies in empirical evidence about how students actually use AI and what they perceive as benefits and risks. This suggests a need for studies that capture local perceptions and that can inform contextually appropriate guidelines, particularly in rapidly changing contexts such as Vietnam.
2.4. Summary and Research Gap
Existing literature demonstrates that AI-supported learning offers meaningful pedagogical benefits, particularly in vocabulary, writing support, and self-paced learning (Manzoor & Jamil, 2025), while simultaneously presenting risks related to cognitive overreliance, passive learning, and academic integrity (Lam et al., 2025; Compagnoni, 2025). Despite these insights, critical gaps remain. First, most studies focus on general ESL/EFL contexts rather than the specific cognitive demands of translation instruction. Second, empirical research in Vietnamese higher education remains scarce, leaving institutional factors underexplored. Finally, previous studies tend to adopt single frameworks, failing to capture the multidimensional dynamics of EFL translation. Addressing these gaps requires a more comprehensive approach that examines how students’ technology acceptance, teachers’ pedagogical practices, and learners’ self-regulation intersect in AI-supported translation tasks.
2.5. Theoretical Framework
This study integrates Technology Acceptance Model (TAM) (Davis, 1989), Technological Pedagogical Content Knowledge (TPACK) (Mishra & Koehler, 2006), and Self-Regulated Learning (SRL) (Zimmerman, 2000) to examine English majors' perceptions of AI-supported EFL translation classes at HUFLIT.
TAM provides the core mechanism: perceived usefulness (learning benefits: error awareness, vocabulary expansion from Sections 2.2.1–2.2.2) and perceived ease of use (faster AI vs. detailed teacher feedback) predict intentions to use AI tools. In EFL contexts, TAM explains technology adoption patterns amid limited exposure, but overlooks pedagogical integration and self-regulation processes. In the context of AI-supported translation learning, perceived usefulness may relate to students’ beliefs that AI tools improve translation accuracy, vocabulary selection, or error awareness.
TPACK addresses this by framing AI-supported teaching practices as intersections of:
· Technological Knowledge (TK): ChatGPT/Grammarly for adaptive tasks, grammar analysis
· Pedagogical Knowledge (PK): Reduced teacher workload via automated feedback
· Content Knowledge (CK): EFL translation/grammar competencies
Within translation classrooms, TPACK highlights how teachers design tasks that integrate AI tools into pedagogically meaningful activities such as translation comparison, error analysis, and post-editing exercises.
SRL explains metacognitive outcomes, where AI scaffolds forethought (goal-setting), performance (feedback monitoring), and self-reflection phases. Overreliance however risks "cognitive offloading" without guidance. Through these processes, learners may develop metacognitive awareness as they evaluate AI suggestions, revise their translations, and reflect on alternative linguistic choices.
Integration: TAM captures perceptions → TPACK structures teaching → SRL drives learning outcomes. HUFLIT moderators (curriculum/assessments, AI policies/literacy, tool access) contextualize this in Vietnam EFL.
Figure 2
Integrated TAM–TPACK–SRL Framework for AI-Supported Translation Learning
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Note. Figure 2 illustrates this integrated model, positioning student perceptions as the core mechanism linking AI teaching practices to learning outcomes, moderated by the HUFLIT context. 
3. Methodology
3.1. Research Design
This study adopted a quantitative survey design to investigate HUFLIT English majors' perceptions of AI-supported EFL translation learning. A quantitative approach was appropriate because the study aimed to measure students' perceived benefits and risks of AI, their views of teacher AI integration, and their self-regulated learning behaviours in a systematic and scalable way. The study was guided by an integrated theoretical framework combining the Technology Acceptance Model (TAM), Technological Pedagogical Content Knowledge (TPACK), and Self-Regulated Learning (SRL), which informed both questionnaire construction and the interpretation of results. Within this framework, TAM was used to examine perceived usefulness and perceived ease of use of AI tools, TPACK was used to capture students' perceptions of teachers' AI-supported instructional practices, and SRL was used to explore students' metacognitive engagement when working with AI during translation tasks.
3.2. Participants
The participants were English majors at HUFLIT who had experience with EFL translation courses. Students from the second, third, and fourth years of the undergraduate programme were targeted because they were more likely to have engaged in translation-related coursework and had prior exposure to AI tools in their learning. This participant group was considered appropriate because they could provide informed and experience-based perceptions of AI-supported translation instruction.
3.3. Research Instrument
Data were collected using a structured self-report questionnaire developed on the basis of the TAM–TPACK–SRL framework and prior AI-in-education studies. The instrument consisted of two main parts.
The first part gathered background information, including gender, year of study, frequency of AI tool use in translation learning, prior use of AI in translation courses, main purposes of AI use (translation, grammar checking, vocabulary, idea generation), and the AI tool used most frequently.
The second part measured students' perceptions using a five-point Likert scale (1 = strongly disagree, 5 = strongly agree). Items were designed to represent five theoretical constructs: Perceived Usefulness (PU, 4 items), Perceived Ease of Use (PEOU, 4 items), Teacher AI Integration (TAI, 5 items), Self-Regulated Learning (SRL, 6 items), and Concerns and Overdependence (CO, 4 items), yielding a total of 23 Likert-scale items. These items were subsequently examined through reliability analysis and exploratory factor analysis to determine the underlying empirical factor structure of the questionnaire.
3.4. Data Collection Procedure
The questionnaire was administered to English majors who were currently taking or had recently completed translation courses at HUFLIT. Participation was voluntary, and students were informed about the purpose of the study and assured that their responses would be used solely for academic research. After collection, the responses were screened and prepared for statistical analysis.
3.5. Data Analysis
The data were analysed using SPSS in four stages. First, descriptive statistics (frequencies, percentages, means, and standard deviations) were used to summarise participants' demographic characteristics and AI usage patterns. Second, descriptive statistics were calculated for all Likert-scale items to describe students' perceptions across the five theoretical constructs. Third, reliability analysis using Cronbach's alpha was conducted to assess the internal consistency of each scale. Finally, exploratory factor analysis (EFA) using Principal Component Analysis (PCA) with Varimax rotation was performed to examine the underlying empirical structure of the questionnaire and determine whether the theoretical constructs held empirically in this context.
 						 4. Results
This chapter presents the findings of the study in four parts: respondents’ demographic profile and AI usage patterns, descriptive statistics of students’ perceptions, reliability analysis, and exploratory factor analysis of the measurement instrument.
4.1. Reliability Analysis
The reliability analysis pointed to strong internal consistency across all five initial scales. As shown in Table 1, the Cronbach’s alpha values ranged from 0.884 to 0.923, all of which lie well above the commonly accepted threshold of 0.70. In addition, the corrected item–total correlations ranged from 0.658 to 0.875, and, on this basis, no items had to be removed prior to the subsequent analyses.
Table 1
Reliability Analysis Results
	Construct
	Items
	Cronbach's Alpha
	Interpretation

	Perceived Usefulness (PU)
	4
	0.884
	Good

	Perceived Ease of Use (PEOU)
	4
	0.895
	Good

	Teacher AI Integration (TAI)
	5
	0.917
	Excellent

	Self-Regulated Learning (SRL)
	6
	0.923
	Excellent

	Concerns and Overdependence (CO)
	4
	0.885
	Good



4.2. Demographic Profile and AI Usage Patterns
A total of 219 English majors at HUFLIT completed the questionnaire with no missing responses. The sample was predominantly female (78.5%, n = 172), while male students accounted for 21.5% (n = 47). In terms of academic year, most respondents were second-year students (84.0%, n = 184), followed by third-year students (15.1%, n = 33) and fourth-year students (0.9%, n = 2).
Table 2
Demographic Profile of Respondents
	Variable
	Category
	Frequency
	Percentage

	Gender
	Male
	47
	21.5%

	
	Female
	172
	78.5%

	Year of study
	Second year
	184
	84.0%

	
	Third year
	33
	15.1%

	
	Fourth year
	2
	0.9%

	Total
	
	219
	100.0%



AI use in translation learning appeared to be both widespread and frequent. On a five-point frequency scale, the mean score for AI use reached 3.84, with 42.5% of students reporting that they used AI “often” and a further 26.0% “very often”. Only a small minority reported using AI “rarely” or “never”. In line with this pattern, 92.7% of respondents indicated that they had already used AI tools in their translation courses, which suggests that AI has become an integral part of students’ translation learning practices.
As for the purposes of use, grammar checking was the most common (32.9%), followed by vocabulary search (24.2%), idea generation (23.7%), and translation tasks themselves (19.2%). This distribution implies that students tended to rely on AI primarily as a support tool for language improvement, rather than as a full substitute for their own translation work. With regard to platforms, ChatGPT was by far the most frequently used tool (72.6%), whereas Grammarly, Google Translate, and Perplexity were each selected by considerably smaller proportions of respondents.
Table 3
AI Usage Patterns
	Variable
	Category
	Frequency
	Percentage

	AI use frequency
	Never
	3
	1.4%

	
	Rarely
	16
	7.3%

	
	Sometimes
	50
	22.8%

	
	Often
	93
	42.5%

	
	Very often
	57
	26.0%

	Main purpose
	Grammar checking
	72
	32.9%

	
	Vocabulary search
	53
	24.2%

	
	Idea generation
	52
	23.7%

	
	Translation
	42
	19.2%

	Tool used most
	ChatGPT
	159
	72.6%

	
	Grammarly
	34
	15.5%

	
	Google Translate
	19
	8.7%

	
	Perplexity
	7
	3.2%



Note. The “Main purpose” variable was a single-choice item, meaning each respondent selected only one primary purpose. Therefore, the total frequency equals 219 and the total percentage equals 100%. All frequency and percentage values in this table are based on the total sample of N = 219.
4.3. Students' Perceptions of AI-Supported Translation Learning
The descriptive statistics for the Likert-scale items indicate that, overall, students held positive perceptions across all of the main dimensions of AI-supported translation learning, although the strength of these perceptions varied from one construct to another.
Perceived Usefulness recorded the highest ratings of all constructs, with mean scores ranging narrowly from 4.15 to 4.16. Students broadly agreed that AI helped them improve translation quality, acquire vocabulary and appropriate expressions, identify grammatical and lexical errors, and complete translation tasks more effectively. Taken together, these consistently high means suggest that students perceived AI as a genuinely beneficial resource in their translation learning.
Turning to Perceived Ease of Use, the means were slightly lower but still high, ranging from 3.93 to 4.15. In general, students agreed that AI tools were easy to operate and that they could learn to use them for translation tasks without much difficulty. Notably, the item "I feel confident when using AI in translation learning" had the lowest mean in this group (M = 3.93), suggesting that while AI is broadly perceived as accessible, a proportion of students may still benefit from additional guidance or training to fully build their confidence.
Ratings for Teacher AI Integration spanned a somewhat wider range, from 3.96 to 4.33. Students reported that their teachers explained AI use clearly, incorporated AI appropriately into lessons, encouraged translation-comparison activities, and advised them on when to rely on AI and when to avoid it. The highest-rated item in the whole questionnaire, "My teacher helps students understand when they should and should not rely on AI" (M = 4.33), underscores the central role of teacher mediation in shaping responsible AI use.
Self-Regulated Learning also attracted high ratings, with means ranging from 3.90 to 4.17. Across the items, students reported setting goals before using AI, planning their use of AI for particular tasks, monitoring whether AI suggestions were appropriate, checking AI-generated outputs before accepting them, reflecting after use, and evaluating what AI had contributed to their learning. These responses indicate that many students engaged with AI in ways that support metacognitive awareness, rather than relying on it for purely passive copying.
By contrast, Concerns and Overdependence produced more moderate and more varied ratings, with means ranging from 3.59 to 4.03. The item "I sometimes depend too much on AI when doing translation tasks" received the highest mean in this group (M = 4.03), which points to a fairly widespread awareness of over-reliance. Items concerning reduced independent thinking and the uncritical acceptance of AI suggestions also recorded moderately high means; however, their larger standard deviations indicate more divided responses among students. Taken together, the descriptive results reveal a consistent dual pattern: students clearly value AI’s pedagogical benefits and ease of access, yet at the same time they recognise tangible risks associated with dependence and reduced cognitive effort.
4.4. Reliability and Factor Structure
The exploratory factor analysis extracted four factors, which together accounted for 73.526% of the total variance, a figure that comfortably exceeds the recommended 50% threshold. In the rotated component matrix, each item loaded clearly onto a single factor, with no substantial cross-loadings. As summarised in Table 4, however, the resulting structure departed from the initial five-construct model in one important respect: the items originally designed to measure Perceived Usefulness and Self-Regulated Learning converged onto a single factor, which was labelled AI Learning Engagement (ALE). The remaining three factors – Teacher AI Integration (TAI), Cognitive Overreliance (CO), and Perceived Ease of Use (PEOU) – retained the individual structures originally hypothesised.
Table 4
Empirical Factor Structure After EFA
	Factor
	Label
	Items
	Variance Explained (rotated)
	Original Constructs

	F1
	AI Learning Engagement (ALE)
	10
	26.373%
	PU + SRL merged

	F2
	Teacher AI Integration (TAI)
	5
	17.021%
	TAI retained

	F3
	Cognitive Overreliance (CO)
	4
	15.407%
	CO retained

	F4
	Perceived Ease of Use (PEOU)
	4
	14.725%
	PEOU retained

	Total
	4 factors
	23
	73.526%
	5 → 4 constructs



The emergence of AI Learning Engagement (ALE) as a composite factor is the most theoretically significant result of this study. More specifically, ALE refers to a combined pattern in which students perceive AI as useful not only because it helps them produce better translations, but also because it supports how they learn during the translation process. In this study, the factor brings together items related to perceived usefulness, such as improving translation quality, vocabulary, and error identification, and items related to self-regulated learning, such as planning AI use, monitoring AI suggestions, checking outputs, reflecting, and evaluating learning. In other words, ALE represents the extent to which students experience AI as both a practical translation aid and a scaffold for metacognitive engagement. This finding suggests that, in the HUFLIT context, usefulness and self-regulation are closely intertwined rather than clearly separated dimensions.
5. Discussion 
The findings provide a coherent picture of how HUFLIT English majors experience AI-supported translation learning. Across all constructs, students reported consistently positive perceptions of AI, yet simultaneously expressed clear awareness of risks associated with overdependence and reduced independent thinking. This dual pattern runs throughout the descriptive results and is further clarified by the four-factor structure identified through EFA.
5.1. High AI Engagement and Perceived Benefits
Addressing Research Question 1, the finding that perceived usefulness and self-regulated learning converged into a single factor – labelled AI Learning Engagement (ALE), suggests that HUFLIT students do not perceive AI as a passive tool but as an active scaffold for their own metacognitive processes.
Students appear to find AI valuable precisely because it supports their learning engagement, including goal-setting, monitoring, and reflection during translation tasks. AI use among HUFLIT English majors is already widespread: mean usage frequency was 3.84 out of 5, and 92.7% of respondents had already used AI in translation courses. ChatGPT was the dominant tool (72.6%), and students primarily used AI for grammar checking (32.9%) and vocabulary search (24.2%), suggesting that AI serves mainly as a language-level support tool rather than a direct translation substitute. Perceived Usefulness recorded the highest and most consistent mean scores across the study (M = 4.15–4.16), confirming that students see AI as a genuinely beneficial resource for improving translation quality, vocabulary, error identification, and task completion.
5.2. The Composite AI Learning Engagement Factor
In relation to Research Question 3, the clean separation of Teacher AI Integration (TAI) as a distinct factor confirms that students perceive teacher guidance as a qualitatively different dimension from their own AI learning engagement.
The most theoretically significant finding is the emergence of the AI Learning Engagement (ALE) factor, which combined Perceived Usefulness and Self-Regulated Learning items into a single construct accounting for 26.373% of total variance. In the classical TAM framework, these are treated as separate dimensions; the present results suggest that HUFLIT students perceive AI as useful because it supports their metacognitive processes: planning, monitoring, checking, reflecting, and evaluating. Usefulness is therefore not merely about better translation outcomes but is deeply intertwined with self-regulated engagement. This finding contributes an important nuance to the TAM–SRL integration proposed in the theoretical framework and suggests that future research should apply confirmatory factor analysis (CFA) to further validate the ALE construct across different EFL and translation contexts.
5.3. Teacher AI Integration as a Distinct Factor
Also relevant to Research Question 1, the emergence of Cognitive Overreliance (CO) as a separate factor reflects students' dual awareness: they recognise AI as beneficial while simultaneously acknowledging a tendency toward over-dependence that may undermine independent thinking and critical translation decision-making.
Teacher AI Integration emerged as a clear independent factor (F2, 17.021% of variance), with the highest-rated item being "My teacher helps students understand when they should and should not rely on AI" (M = 4.33). This confirms the TPACK perspective: effective AI integration depends not only on tool availability but on teachers purposefully designing AI-supported activities, framing AI as a critical thinking scaffold, and providing explicit guidance on responsible use. The independence of TAI from the ALE factor also signals that students clearly differentiate between their own engagement with AI and the instructional practices of their teachers, confirming that teacher guidance remains a decisive factor even when AI tools are freely accessible outside class.
5.4. Cognitive Overreliance: Awareness Without Resolution
With respect to Research Question 2, the retention of Perceived Ease of Use (PEOU) as a distinct empirical factor supports the relevance of TAM in this context, confirming that accessibility perceptions constitute a meaningful and separable dimension of students' overall experience of AI-supported translation learning.
Cognitive Overreliance (CO) formed a distinct independent factor (F3, 15.407% of variance). The item "I sometimes depend too much on AI when doing translation tasks" had the highest mean in this construct (M = 4.03), and "Using AI sometimes reduces my independent thinking ability" loaded most strongly on this factor (loading = 0.880). Students are clearly aware of their overdependence tendencies; however, awareness alone does not guarantee behavioural change. The relatively high means on items about accepting AI suggestions without careful analysis suggest that cognitive overreliance is already a lived reality for many students, not merely a theoretical concern. Notably, the separation of CO from ALE implies that even students who self-regulate their AI use may simultaneously experience dependence, pointing to the coexistence of metacognitive engagement and habitual reliance in the same learner.
5.5. Perceived Ease of Use and Confidence
Taken together and addressing Research Question 2, the four-factor structure – ALE, TAI, CO, and PEOU, provides an empirically derived model of how HUFLIT students perceive AI-supported translation learning, offering a more differentiated account than prior single-framework studies.
Perceived Ease of Use (PEOU) emerged as the fourth independent factor (F4, 14.725% of variance), with means ranging from 3.93 to 4.15. Students broadly found AI tools accessible and easy to learn; however, the confidence item recorded the lowest mean (M = 3.93) and the largest standard deviation (SD = 1.014) in this group. This gap between functional ease of use and genuine AI confidence suggests that while most students can operate AI tools, a subset may not yet feel equipped to critically evaluate, selectively apply, or responsibly adapt AI output in complex translation contexts.
5.6. Theoretical Implications
This study offers three key theoretical contributions. First, the emergence of the ALE composite factor suggests that in AI-rich translation environments, perceived usefulness and self-regulated learning may converge into a single empirical factor rather than functioning as separate dimensions as classical TAM proposes. Future research should test this preliminary structure using confirmatory factor analysis (CFA) across different EFL contexts.
Second, the clean separation of Teacher AI Integration (TAI), Cognitive Overreliance (CO), and Perceived Ease of Use (PEOU) supports the value of combining TAM, TPACK, and SRL. Each lens contributes a non-redundant dimension, technology acceptance, pedagogical practice, and metacognitive engagement, providing a more comprehensive account of AI learning than any single framework.
Third, the study contributes context-specific evidence from Vietnamese higher education, demonstrating that high generative AI adoption can coexist with a high awareness of cognitive overreliance. This underscores the need for educational technology theories to account for local pedagogical cultures and assessment norms rather than assuming universal applicability.
5.7. Practical Implications
The findings point to four practical directions for translation instruction at HUFLIT and comparable programmes.
First, given the pervasive AI use already documented, formal and intentional AI integration into translation syllabi is more productive than restriction. Tasks that require students to compare, evaluate, and justify AI output can transform AI from a shortcut into a trigger for critical reflection.
Second, the prominence of TAI highlights the need for systematic teacher development in AI literacy and TPACK. Teachers should be supported to design tasks that require critical engagement with AI, model responsible AI use, and communicate explicit guidelines on when AI is and is not appropriate.
Third, the CO factor calls for direct instructional attention to AI dependence. Process-oriented assessment tools such as translation logs, revision comparisons, and AI-use reflection notes can shift grading focus from final products to decision-making quality, rewarding critical evaluation over unreflective reliance.
Fourth, the gap between functional ease of use and AI confidence suggests students need guided AI literacy training within translation courses: how to prompt effectively, evaluate AI feedback critically, recognise errors, and disclose AI assistance responsibly. At the institutional level, clear and context-sensitive AI policies, developed in dialogue with both teachers and students, are essential to ensure that ethical AI use becomes a shared responsibility.
6. Conclusion
This study investigated HUFLIT English majors' perceptions of AI-supported EFL translation learning through an integrated TAM–TPACK–SRL framework, drawing on survey data from 219 students. The findings reveal that AI tools, particularly ChatGPT and Grammarly, have become widely and frequently adopted in translation learning, with students perceiving clear benefits in terms of translation quality, vocabulary development, error identification, and self-regulated engagement.
The EFA results produced a four-factor empirical model, with the most notable finding being the emergence of AI Learning Engagement as a composite construct that merges perceived usefulness and self-regulated learning. This suggests that in the HUFLIT context, students experience AI's pedagogical value as inseparable from their own metacognitive processes of planning, monitoring, and reflecting. Teacher AI Integration, Cognitive Overreliance, and Perceived Ease of Use emerged as three additional independent factors, confirming that students perceive teacher guidance, dependence risks, and tool accessibility as distinct and meaningful dimensions of their AI-supported learning experience.
These findings carry both theoretical and practical significance. Theoretically, the study contributes an empirically derived four-factor model and context-specific evidence for extending the TAM–TPACK–SRL framework in AI-supported translation education. Practically, the results underscore the importance of moving beyond access to AI tools toward purposeful pedagogical integration, explicit AI literacy instruction, and clear institutional policies that support responsible use.
This study is not without limitations. The sample was drawn from a single institution and was predominantly composed of second-year students, which may limit the generalizability of the findings. Future research should expand the sample across multiple universities and academic years, and apply confirmatory factor analysis and structural equation modelling to further validate and extend the empirical model developed here.
Ultimately, this study positions AI not as a threat to translation learning but as a powerful pedagogical resource whose value depends critically on how it is taught, framed, and integrated. As Vietnam continues its transition toward English as a second language, ensuring that both teachers and students engage with AI critically, responsibly, and strategically will be essential for preparing the next generation of competent and autonomous translators.
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